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Abstract 

This study investigates the adoption of artificial intelligence (AI)-based chatbot in Clients 

Service Management within Namibia’s banking sector. The research sought to assess the 

role of AI-driven chatbot in enhancing clients satisfaction and operational efficiency, to 

identify factors that enable or inhibit their adoption, and to recommend strategies for 

optimising their integration. Guided by a mixed-methods design, data were collected 

through semi-structured interviews with 15 purposively selected participants including 

senior managers, employees and clients supplimented by 36 structured questionnaires 

distributed to a broader client base. Qualitative data were analysed thematically, revealing 

key drivers of adoption such as 24/7 service availability, cost reduction, and the ability to 

handle high volumes of routine inquiries, while highlighting challenges related to privacy 

concerns, occasional inaccuracies, and clients trust. Quantitative analysis using 

descriptive statistics supported these findings, showing high levels of user satisfaction and 

frequent chatbot engagement but also measurable reservations about data security and 

complex query handling. Triangulating these insights confirmed that AI-based chatbot 

significantly improve efficiency and clients experience when complemented by human 

oversight and continuous system updates. The study concludes that strategic investment 

in advanced natural-language processing, employee training, and transparent data-

protection policies will enhance AI-based chatbot effectiveness and clients acceptance. 

These findings contribute to the growing body of African financial-technology research 

and provide practical guidance for Namibian Banks and other regional financial 

institutions seeking to leverage AI for competitive advantage in clients service. 

 

Key Words: Artificial Intelligence (AI), Chatbot, Clients Satisfaction, Adoption, Privacy 

and Data Security 



iii 

 

Declaration 

I declare that this dissertation is my original work except where sources have been cited 

and acknowledged. The work has never been submitted, nor will it ever be submitted to 

another university for the award of a degree. 

 

Mario Fortunato___________   _____________________________ 

Student's Full Name      Student's Signature 

 

 

Prof. (Dr.) Yogesh Kumar Awasthi 

Main Supervisor's Full Name    Main Supervisor's Signature  

 

  



iv 

 

Copyright 

No part of this dissertation may be reproduced, stored in a retrieval system, or transmitted 

in any form or by any means for scholarly purposes without prior written permission of 

the author or of Africa University on behalf of the author. 

  



v 

 

Acknowledgements 

I am deeply grateful to my supervisor Prof. (Dr.) Yogesh Kumar Awasthi for his expert 

guidance, constructive feedback, and unwavering support throughout every stage of my 

research journey. My sincere thanks also go to the faculty and administrative employees 

for creating a supportive academic environment and special thanks to Prof Stanley. 

Murairwa for providing the resources that enabled this study. I owe special appreciation 

to all the participants who generously shared their time and perspectives; their valuable 

contributions made this research possible.  



vi 

 

Dedication 

I dedicate this work to my wife, Selma Fortunato, for her constant encouragement, 

patience, and unwavering support. Her understanding and love sustained me through the 

many hours devoted to this dissertation, and for that, I am truly thankful. Finally, to my 

kids Andrea, Azaria and Aziz for their understanding and providng me with the space that 

most needed to focus and have peace of mind in writing this paper. 

  



vii 

 

List of Acronyms and Abbreviations 

AI  Artificial Intelligence 

AU  Actual System Use 

ATM  Automatic Teller Machine 

AUREC Africa University Research Ethics Committee 

ATT  Attitude Toward Use 

BI  Behavioral Intention to Use 

CSM  Clients Service Management 

4IR  Fourth Industrial Revolution 

NLP  Natural Language Processing 

NPS  Net Promotor Score 

EMBA Executive Master Business Administration 

PEOU  Perceived Ease of Use 

PU  Perceived Usefulness 

TAM  Technology Acceptance Model 

 

  



viii 

 

List of Tables 

Table 4.1: Gender Distribution of Respondents ............................................................... 27 

Table 4.2: Age Group Distribution of Respondents ........................................................ 30 

Table 4.3: Role Distribution of Respondents ................................................................... 32 

Table 4.4: Region Distribution of Respondents ............................................................... 34 

Table 4.5: Descriptive Statistics of Chatbot Adoption Items ........................................... 37 

Table 4.6: Patterns and Trends in Chatbot Adoption ....................................................... 39 

Table 4.7: Key Findings – AI-Based Chatbot Adoption .................................................. 41 

Table 4.8: Distribution of Responses by Adoption Item.................................................. 43 

Table 4.9: Descriptive Statistics of Chatbot Adoption Drivers ....................................... 45 

Table 4.10: Dominant Drivers of Chatbot Adoption ....................................................... 48 

Table 4.11: Key Influential Drivers ................................................................................. 50 

Table 4.12: Frequency of Responses by Driver ............................................................... 52 

Table 4.13: Descriptive Statistics for Recommendations ................................................ 54 

Table 4.14: Frequency Distribution of Recommendation Items ...................................... 56 

Table 4.15: Summary of Priority Recommendations and Implications ........................... 58 

Table 4.16: Agreement Levels on Recommendations ..................................................... 60 

Table 4.17: Correlations Between Chatbot Adoption and Driving Factors ..................... 61 

Table 4.18: T-Test Results – Mean Adoption by Gender ................................................ 64 

Table 4.19: Cronbach’s Alpha Values for Survey Sections ............................................. 66 

  



ix 

 

List of Figures 

Figure 1 Namibia 14 Regions. Source Wikipedia .............................................................. 7 

Figure 2 Population density of Namibia (2011) | Density, Namibia, Map. Source 

Wikipedia ........................................................................................................................... 7 

Figure 3: Theoretical framework of the Technology Acceptance Model Davis, 1989. ... 14 

Figure 4: Conceptual Framework Independent and Dependent Variables ...................... 17 

Figure 5:Gender Distribution of Respondents ................................................................. 28 

Figure 6: Age Group Distribution of Respondents .......................................................... 30 

Figure 7: Role Distribution of Respondents..................................................................... 33 

Figure 8: Region Distribution of Respondents ................................................................ 35 

Figure 9: Descriptive Statistics of Chatbot Adoption Items ............................................ 37 

Figure 10: Patterns and Trends in Chatbot Adoption ...................................................... 40 

Figure 11: Key Findings – AI-Based Chatbot Adoption ................................................. 42 

Figure 12: Distribution of Responses by Adoption Item ................................................. 44 

Figure 13: Descriptive Statistics of Chatbot Adoption Drivers ....................................... 47 

Figure 14: Dominant Drivers of Chatbot Adoption ......................................................... 49 

Figure 15: Key Influential Drivers ................................................................................... 51 

Figure 16: Frequency of Responses by Driver ................................................................. 53 

Figure 17: Descriptive Statistics for Recommendations .................................................. 55 

Figure 18: Frequency Distribution of Recommendation Items........................................ 57 

Figure 19: Summary of Priority Recommendations and Implications............................. 59 

Figure 20: Agreement Levels on Recommendations ....................................................... 60 

Figure 21: Correlations Between Chatbot Adoption and Driving Factors ....................... 62 



x 

 

Figure 22: Regression Analysis Model (Significant Predictors of Chatbot Adoption) ... 63 

Figure 23: T-Test Results – Mean Adoption by Gender .................................................. 65 

Figure 24: Cronbach’s Alpha Values for Survey Sections .............................................. 66 

Figure 25: Demographic Profile....................................................................................... 69 

  



xi 

 

Definition of Key Terms 

Artificial Intelligence (AI) 

A branch of computer science concerned with the design of systems that can perform tasks 

which otherwise require human intelligence, such as comprehension of language, 

decision-making, and problem-solving (Russell & Norvig, 2021). 

Chatbot 

A software program in artificial intelligence that utilizes natural language processing to 

have human-like interactions and provide automated responses to questions or comments 

from users through text or voice interfaces (Ashfaq et al., 2020). 

Digital Transformation 

Application of digital technology such as AI, cloud, and mobile apps to make companies 

more efficient, clients-centric, and service-driven (Davenport & Ronanki, 2018). 

Natural Language Processing (NLP) 

A field of AI that enables computers to understand, decipher, and generate human 

language in order to make chatbot reply appropriately to user input (El Bakkouri et al., 

2022). 

Clients Satisfaction 

A measure of the degree to which a service or product meets or exceeds clients 

expectations, often linked with repeat business and loyalty (Oliver, 2015). 

Clients Retention 

The ability of an organisation to establish long-term relationships with clients over time, 

most commonly as a consequence of satisfying experiences and effective service 

management (Mukherjee & Malhotra, 2020). 



xii 

 

Operational Efficiency 

The ability of an organisation to deliver services economically but with quality, often 

enhanced by automation and process enhancement (Deloitte, 2021). 

Adoption 

The way individuals or organisations begin accepting, embracing, and using a new 

technology or innovation repeatedly (Rogers, 2003). 

Privacy and Data Security 

Practices and procedures designed to ensure personal and financial information is secure 

from unauthorized users, a key consideration when implementing AI-based systems 

(Hossain et al., 2024). 
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CHAPTER 1 INTRODUCTION 

 

1.1 Introduction 

Clients Service Management (CSM) in the banking sector refers to a structured process of 

managing clients interactions to enhance satisfaction, loyalty, and retention. It 

encompasses a range of activities such as account servicing, transactional support, 

complaint resolution, and financial advisory services delivered through multiple platforms 

including in-branch visits, call centres, online portals, and mobile applications. As 

financial institutions strive to meet increasingly sophisticated client expectations, digital 

innovations have become central to service delivery. In this context, AI-based chatbot 

have emerged as transformative tools in enhancing service responsiveness and operational 

efficiency (Chen et al., 2022; Ashfaq et al., 2020; Prakash et al., 2023). 

 

These intelligent software agents simulate human-like interactions using natural language 

processing to engage clients in real time. They handle tasks ranging from simple queries 

to routine transactions while integrating seamlessly across banking interfaces (Chandra et 

al., 2022; El Bakkouri et al., 2022). Several leading Namibian banks have incorporated 

AI-powered chatbot into their clients service strategies to streamline operations and 

reduce turnaround time. Such integration of automation aligns with global banking trends, 

where AI adoption supports strategic service transformation by enhancing operational 

speed, scalability, and consistency (Hsu & Lin, 2023; Lin et al., 2022). 

While the potential benefits of chatbot are widely acknowledged, their adoption is 

influenced by organisational readiness, employees adaptability, clients acceptance, and 

perceived service quality. Emerging evidence suggests that AI tools can displace routine 
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human tasks, allowing employees to focus on more complex, relationship-driven roles 

(Nguyen et al., 2023; Bitzer et al., 2023). However, the shift also raises concerns related 

to transparency, trust, and ethical usage. This study evaluates the extent of chatbot 

adoption in Namibia’s banking sector, exploring the enabling and inhibiting factors 

shaping their integration in clients service operations. 

 

1.2 Background to the Study 

The evolution of Clients Service Management (CSM) in banking has been characterised 

by progressive digitalisation, with artificial intelligence playing a pivotal role in redefining 

service delivery models. AI-powered chatbot have transformed how financial institutions 

interact with clients, offering scalable, 24/7 services that reduce costs and enhance user 

satisfaction (Davenport & Ronanki, 2018; Jiang et al., 2022a). Within Namibia, banks 

deploy chatbot to manage frequent tasks such as balance inquiries, transaction history 

retrieval, and account status updates. These functions streamline workflows and relieve 

human agents from repetitive requests, allowing them to focus on high-value engagements 

(Chen et al., 2022; Fernandes et al., 2021). 

 

Adoption of such technologies is both a strategic and operational priority, particularly as 

Namibian banking clients increasingly demand seamless digital experiences. The 

implementation of chatbot reflects broader regional trends in digital transformation and 

aligns with the Fourth Industrial Revolution (4IR) (Kautish et al., 2022; Kamoonpuri & 

Sengar, 2023). Moreover, studies indicate that integrating chatbot services through mobile 

apps and online platforms enhances accessibility, especially among digitally literate 

populations in urban settings (Hsu & Lin, 2023; Gala & Mueller, 2022). 



3 

The interplay between clients expectations, employee readiness, and institutional 

infrastructure significantly shapes chatbot adoption. While clients often appreciate 

efficiency, they also seek personalised and empathetic engagement, which chatbot may 

lack unless carefully designed (Luo et al., 2022; Nguyen et al., 2023). Balancing 

automation with human-centred support is critical, particularly when handling sensitive 

transactions or emotionally complex interactions. Integrating both modalities allows for a 

hybrid service approach that maximises technological efficiency without undermining the 

relational dimensions of banking service delivery (Zhang et al., 2023; Lin et al., 2022). 

 

Studying chatbot adoption in Namibia’s banking sector is significant for service 

innovation, digital inclusivity, and organisational change. Gaining empirical insights into 

how stakeholders respond to these tools whether positively, with resistance, or 

indifference can inform future strategy formulation. Therefore, this research assesses the 

behavioural, technical, and managerial factors influencing chatbot adoption in Namibian 

banks and provides data-driven recommendations for optimisation and stakeholder 

alignment. 

 

1.3 Statement of the Problem 

Despite the increasing reliance on AI-based chatbot for Clients Service Management 

worldwide, there is limited research on adoption rates in the Namibian Banking Sector 

and on the factors that drive or hinder their use. Although AI-based chatbot have gained 

popularity in efforts to improve clients service globally, about 60% of banks had adopted 

them by 2020 (Biswas et al., 2021) clients and employee resistance remains a challenge. 

Intention to use, acceptance, trust, and adoption have been problematic among clients and 
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employees alike, thereby compromising CSM (Miraz et al., 2024). Clients may resist 

effective AI-based systems due to concerns over impersonal service and the chatbot ability 

to resolve complex queries (Samant, 2020). Employees, meanwhile, may fear job 

displacement, while clients may find technological shifts cumbersome or worry about 

privacy and data security (Murdoch, 2021). 

 

Without addressing these concerns, adoption will remain uneven and could undermine 

service quality. Johnson (2019) highlights the potential benefits of AI, such as quicker 

service and reduced waiting times, but a knowledge gap persists around the behavioural 

and organisational factors influencing high or low adoption. Given the importance of 

service quality for clients loyalty in competitive industries like banking (Mukherjee & 

Malhotra, 2020), there is a need to explore the underlying factors shaping chatbot 

integration in Namibia’s banking sector. 

 

1.4 Research Objectives 

1. To assess the role of AI-based chatbot in Clients Service Management in the 

Namibian Banking Sector. 

2. To analyse behavioural and organisational factors influencing the adoption of 

AI-based chatbot in Namibia’s banking sector. 

3. To develop evidence-based strategies to improve chatbot adoption and 

strengthen Client Service Management. 
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1.5 Research Questions 

1. To what extent do AI-based chatbot improve Client Service Management in 

Namibian banks?  

2. How do behavioural and organisational factors influence the adoption of AI-

based chatbot in the banking sector? 

3. What evidence-based strategic interventions can be developed to enhance 

chatbot adoption and optimise Client Service Management in Namibia’s 

banking sector? 

 

1.6 Assumptions/Hypotheses 

Based on the insights, the researcher proposed the following hypotheses and assumptions: 

Improved Clients Satisfaction 

 Hypothesis: Implementing AI-based chatbot in Namibian banks leads to higher 

clients satisfaction than traditional service methods. 

 Assumption: Clients find chatbot capable of timely and accurate issue resolution. 

Increased Efficiency 

 Hypothesis: AI-based chatbot improve operational efficiency by decreasing 

response times and handling a higher volume of inquiries. 

 Assumption: Chatbot can manage routine queries effectively, allowing human 

agents to address complex issues. 

Cost Reduction 

 Hypothesis: Chatbot use reduces operational costs linked to clients service. 

 Assumption: Automation lowers the need for large service teams. 

Enhanced Accessibility 
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 Hypothesis: Chatbot provide improved accessibility through 24/7 support 

compared to traditional banking hours. 

 Assumption: Clients value access outside normal business hours. 

Clients Engagement 

 Hypothesis: Chatbot improve clients engagement by offering personalised, timely 

responses. 

 Assumption: Personalised service fosters loyalty and retention. 

Reduced Human Error 

 Hypothesis: Chatbot decrease the incidence of human error in clients service 

interactions. 

 Assumption: Programmed responses yield consistent and precise information. 

Impact on Clients Retention 

 Hypothesis: Chatbot implementation positively influences clients retention rates. 

 Assumption: Improved service experiences increase loyalty and reduce churn. 

Perception of AI 

 Hypothesis: Clients perceive AI-based Chatbot as effective and trustworthy tools 

for service delivery. 

 Assumption: Clients trust Chatbot to handle inquiries reliably. 

 

1.7 Significance of the Study 

This study explores the intersection of AI-based chatbot and Clients Service Management, 

providing insights into how this rapidly evolving technology can create competitive 

advantage for Namibian banks. Findings will guide financial institutions on best practices 
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for integrating chatbot, balancing automation with human touch, and overcoming barriers 

to adoption. 

 

1.8 Delimitation of the Study 

The study focuses exclusively on commercial banks operating in Namibia and does not 

include other financial institutions such as microfinance organisations or insurance 

companies. Primary and secondary data are drawn from selected regions, specifically 

Khomas, Karas, and Oshikoto, which provide a representative cross-section of Namibia’s 

diverse banking clientele (Wikipedia Contributors, 2024). 

 

 

Figure 1 Namibia 14 Regions. Source 

Wikipedia 

 

Figure 2 Population density of Namibia (2011) | 

Density, Namibia, Map. Source Wikipedia 

 

Population density of 

Namibia (2011) | 

Density, Namibia, Map 
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1.9 Limitation of the Study 

One key limitation is the scarcity of empirical literature on AI-based chatbot adoption 

within Namibia’s banking sector, constraining opportunities for direct domestic 

benchmarking (Chen et al., 2022; Vassilakopoulou et al., 2023). While global literature is 

expanding, its applicability to Namibia’s technological infrastructure and banking culture 

must be interpreted cautiously (Nguyen et al., 2023; Zhang et al., 2023). 

 

Access to proprietary data from competing banks may also limit comparative analysis of 

best practices and competitive positioning (Luo et al., 2022; Dubey et al., 2023). 

Additionally, chatbot have functional limits, often struggling with complex or emotionally 

nuanced requests, which may lead clients to perceive service failures (Chandra et al., 

2022; Ashfaq et al., 2020). 

 

The relatively short data-collection period constrains observation of long-term adoption 

patterns. To mitigate this, structured online questionnaires will enable timely, broad data 

capture while maintaining reliability and thematic depth (Bitzer et al., 2023; Fernandes et 

al., 2021). Despite these constraints, rigorous methodology and strategic use of 

international scholarship will ensure findings provide a robust foundation for future 

research into AI-driven clients service technologies in Namibia. 
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CHAPTER 2 REVIEW OF RELATED LITERATURE 

 

2.1 Introduction 

This chapter reviews literature that pertains to the study of the effects of AI-Chatbot on 

Clients Service Management delivery in the Namibian Banking Sector. The literature 

review discusses what has been done before by various scholars relating to this study, and 

it is important as it provides relevant literature highlighting what others did in this area of 

the study. Therefore, Research is only done to fill in a knowledge gap. 

 

2.2 Theory Geographical Coverage 

While developed economies such as the United States and Western Europe have witnessed 

extensive research on AI-based chatbot adoption in Clients Service Management, the 

African continent remains significantly underrepresented in this discourse. Namibia 

suffers from a distinct scarcity of empirical investigations examining the socio-technical 

dynamics of chatbot adoption. According to Larsen et al. (2024), public sector chatbot 

implementations in the Global North benefit from mature infrastructure, governance, and 

digital literacy, enabling more robust assessments of impact. By contrast, Sub-Saharan 

contexts encounter infrastructural, linguistic, and socio-economic asymmetries that 

complicate direct transposition of findings. 

This digital divide is further stressed by disparities in AI readiness between rural and urban 

communities, a factor critical to national institutions like within the Namibian Banking 

Sector, which serve heterogeneous populations. Lin et al. (2022) note that in emerging 

markets, chatbot adoption is constrained not only by technological limitations but also by 

user perceptions of trust and functionality. These challenges are compounded by 
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multilingual contexts in which English although the official language is not the primary 

language for large segments of the population. Chaves et al. (2022) argue that linguistic 

design affects user engagement, and when chatbot lack vernacular fluency, service 

inequities can emerge. Therefore, this geographical gap signals a pressing need for place-

based research that contextualises AI adoption within Namibia’s unique socio-economic 

terrain. 

 

2.3 Data 

Global data sets have provided valuable insights into the proliferation of chatbot in sectors 

such as retail, telecommunications, and banking. However, Namibia lacks comprehensive 

national databases or sector-specific repositories documenting AI chatbot usage trends in 

financial institutions. Bitzer et al. (2023) stress the importance of algorithmic 

transparency, especially where data governance is weak or evolving. This poses a 

particular challenge for institutions like within the Namibian Banking Sector, which must 

balance the efficiency of data-driven automation with the ethical imperatives of privacy, 

consent, and data protection. 

 

Chen et al. (2021) argue that chatbot can be programmed to capture large volumes of 

clients data to enhance personalisation and responsiveness, yet without strong regulatory 

safeguards, such practices risk violating client trust. Namibia’s legal landscape regarding 

digital privacy remains in a formative stage, lacking robust enforcement mechanisms and 

a comprehensive data protection framework. According to Vassilakopoulou et al. (2023), 

countries with fragmented or emerging data regulation often face public scepticism and 

operational ambiguity during AI implementation. Thus, while chatbot thrive on access to 
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rich clients data, the absence of regulatory maturity in Namibia complicates their 

integration, particularly in the sensitive environment of financial services. 

 

2.4 Methodology 

Although several studies confirm the expanding use of AI-powered chatbot in service 

delivery, methodological gaps persist in evaluating their actual impact on clients 

satisfaction, operational efficiency, and service quality. Ashfaq et al. (2020) recommend 

that future research should adopt multi-method approaches to unpack both behavioural 

and perceptual dimensions of chatbot use. While some scholars favour quantitative 

instruments such as surveys for measuring satisfaction and usage frequency, others 

advocate for qualitative techniques to explore trust, emotional response, and user 

adaptability (Chandra et al., 2022; Nguyen et al., 2023). 

 

The Namibian context, characterised by diverse digital fluency levels and regional 

disparities, calls for a mixed-methods approach that integrates structured questionnaires 

with in-depth interviews of key stakeholders within the Namibian Banking Sector. Kautish 

et al. (2022) emphasise that hybrid methods can capture not only user-system interaction 

metrics but also managerial perspectives on system integration and change management. 

This triangulation is necessary to develop a nuanced understanding of chatbot 

performance beyond surface-level metrics, especially in under-researched environments 

such as Namibia. 
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2.5 Theory 

The Technology Acceptance Model (TAM), originally proposed by Davis in 1989, 

remains the dominant theoretical lens for understanding user adoption of information 

systems. At its core, TAM posits that perceived usefulness and perceived ease of use are 

the primary predictors of technology acceptance. Recent studies continue to validate the 

model’s relevance in chatbot contexts. For instance, Hsu and Lin (2023) apply TAM to 

explain how perceived performance influences continued chatbot use in clients service 

platforms. Likewise, Jiang et al. (2022a) incorporate the model into their framework to 

demonstrate how dialogic capability and response immediacy affect user satisfaction. 

 

However, critics argue that TAM underrepresents socio-emotional and contextual 

variables, especially in settings where digital trust, cultural expectations, and language 

diversity significantly shape user attitudes (Dwivedi et al., 2023; Fernandes et al., 2021). 

Accordingly, scholars have proposed extended TAM models that include constructs such 

as anthropomorphism, perceived humanness, and system credibility to improve 

explanatory power. Given the sociolinguistic and infrastructural nuances in Namibia, this 

study will adopt an extended TAM framework that considers both technological and 

contextual factors influencing chatbot adoption in Namibian Banking. 

 

2.6 The framework of TAM 

 Perceived Usefulness (PU): The degree to which a person believes that using a 

particular system would enhance their job performance. 
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 Perceived Ease of Use (PEOU): The degree to which a person believes that using a 

particular system would be free of effort. 

 Attitude Toward Use (ATT): This refers to the user's overall affective reaction to 

using technology. 

 Behavioral Intention to Use (BI): The intention of a user to use technology, which is 

influenced by their attitude toward using it and perceived usefulness. 

 Actual System Use (AU): The real use of technology, driven by the user's behavioral 

intention. 

 

According to Rogers (2003), these frameworks offer insights into factors like perceived 

usefulness, ease of use, and user attitudes toward technology. There is a great challenge 

in terms of AI-based clients trust, service technologies and tailored legal instruments. 

According to Davis (1989), PU refers to the degree to which a user believes that using the 

Chatbot will enhance their performance or efficiency in handling clients service tasks. In 

the context of banking, clients/any users may find Chatbot useful for quickly accessing 

information or resolving queries. 

 

There are two types of variables: Independent and dependent.  Independent variables 

consist of Perceived Usefulness (PU) and Perceived Ease of Use (PEOU). Dependent 

variables consist of Behavioral Intention to Use (BI). While PEOU shows how easy 

users/clients perceive the Chatbot to be in terms of interaction and functionality. If users 

find Chatbot intuitive and user-friendly, they are more likely to adopt it for their service 

interactions. BI is the measure of users' intentions to engage with the Chatbot in the future, 
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which is influenced by both perceived usefulness and perceived ease of use. In this 

framework, independent variables impact the dependent variable, influencing whether 

users decide to adopt and utilize Chatbot for clients service. 

 

Figure 3: Theoretical framework of the Technology Acceptance Model Davis, 1989. 

 

According to Davis (1989), there are several factors that can influence the magnitudes of 

the independent variables (Perceived Usefulness and Perceived Ease of Use) when 

studying the adoption of Chatbot in Clients Service Management.  

 

2.7 Factors Influencing Perceived Usefulness (PU) 

High Magnitude: 

 Efficiency of Task Completion: If the Chatbot can resolve queries quickly and 

effectively, users will perceive it as highly useful. 

 Relevance of Services: The more the Chatbot can address specific needs (e.g., 

account inquiries, payment processing), the greater its perceived usefulness. 

 Positive User Experience: If users report satisfaction with their interactions, this 

can enhance the perceived usefulness of the Chatbot. 
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 Integration with Other Services: Chatbot that integrate well with other banking 

services (like mobile apps) can be seen as more useful. 

 Real-time Information Access: Providing immediate access to important 

information (e.g., transaction status, account balances) contributes to higher 

perceived usefulness. 

Low Magnitude: 

 Limited Functionality: If the Chatbot can only handle simple queries, users may 

find it less useful. 

 Lack of Personalization: A generic experience that does not cater to individual 

user needs can lower perceived usefulness. 

 Negative Feedback or Experiences: Instances of errors or dissatisfaction can 

significantly decrease the perceived usefulness. 

 Comparison with Human Agents: If users perceive that human agents can provide 

better assistance, the Chatbot may be viewed as less useful. 

 

2.8 Factors Influencing Perceived Ease of Use (PEOU) 

High Magnitude: 

 User-Friendly Interface: A simple and intuitive design can enhance perceived ease 

of use. 

 Effective Onboarding: Providing users with clear instructions and support can 

make the Chatbot easier to use. 

 Natural Language Processing (NLP) Capabilities: Advanced NLP can improve 

understanding, making interactions smoother and easier. 
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 Consistent Performance: If the Chatbot consistently delivers accurate responses, 

users are more likely to perceive it as easy to use. 

 Familiarity with Technology: Users who are comfortable with technology are 

more likely to find Chatbot easy to use. 

Low Magnitude: 

 Complex Interaction Design: If the Chatbot requires multiple steps or has 

confusing prompts, users may find it difficult to use. 

 Technical Issues: Frequent errors, delays, or downtimes can negatively affect 

perceived ease of use. 

 Lack of Training or Guidance: Users who do not receive adequate support may 

struggle to use the Chatbot effectively. 

 Inconsistent Responses: If users experience variability in the quality of responses, 

they may find the Chatbot less easy to use. 

These factors can help the Namibian Banking Sector to tailor their Chatbot systems to 

enhance user acceptance by improving both perceived usefulness and perceived ease of 

use. Focusing on user experience, functionality, and ease of navigation can drive higher 

adoption rates and better clients service outcomes. 

 

2.9 Conceptual Framework 

The conceptual framework is an illustration that explains the theory in a diagram for better 

understanding. It helps to comprehend concepts and organize ideas relating to the study. 

It is a current map of the territory of one’s research study (Ravitch & Riggan, 2016). The 
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conceptual framework of the study on the adoption of AI-based Chatbot in Clients Service 

Management within the Namibian Banking Sector is as follows.  

 

AI-based Chatbot adoption 

(Independent) 

 

Clients Service 

Management (dependent) 

 Infrastructure 

 Internet access 

 Digital literacy 

 Clients behavior (resistance, low 

acceptance) 

 Personalized experiences 

 Self-service 

 Clients-banker relationship 

 Personalized services 

 Accuracy 

 Availability 

 Clients satisfaction 

Figure 4: Conceptual Framework Independent and Dependent Variables 

 

The conceptual framework presented distinguishes between the independent variable AI-

based chatbot adoption and the dependent variable Clients Service Management (CSM). 

It outlines a causal logic whereby specific technological, behavioural, and infrastructural 

factors influence clients facing outcomes within banking service delivery. This model 

operationalises chatbot adoption through five key dimensions: infrastructure, internet 

access, digital literacy, clients behaviour, and personalised experiences. Each of these 

components acts as an enabler or inhibitor of chatbot efficacy within the Namibian 

Banking Sector, where digital transformation is unevenly distributed. 
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Fernandes et al. (2021) argue that successful chatbot deployment is highly contingent on 

infrastructural readiness and user familiarity with digital systems, particularly in regions 

with historically low technological diffusion. Similarly, Kamoonpuri and Sengar (2023) 

contend that gaps in digital literacy often led to inconsistent chatbot adoption, especially 

in multilingual or rural populations. This aligns with Lin et al. (2022), who highlight that 

employee and clients perceptions especially resistance to automation or concerns about 

machine accuracy can significantly modulate chatbot performance outcomes. 

 

On the right-hand side of the framework, chatbot adoption is theorized to affect six distinct 

CSM indicators: self-service enablement, clients-banker relationship quality, personalised 

service delivery, accuracy of information, availability, and overall satisfaction. Ashfaq et 

al. (2020) maintain that AI-enabled chatbot are particularly effective in reducing service 

response times and increasing availability, thereby enhancing perceived service 

efficiency. However, others such as Larsen et al. (2024) caution that overreliance on 

automation may weaken relational banking, especially when emotional nuance or trust 

building is required. This tension invites the need for hybrid service models where human 

agents complement chatbot limitations particularly in sensitive or complex queries. 

 

The framework’s strength lies in its dual layer logic: it does not assume a linear 

relationship but implies potential feedback loops. For instance, enhanced clients 

satisfaction may encourage repeated chatbot use, which in turn improves algorithmic 

learning and service refinement (Nguyen et al., 2023). The model therefore facilitates a 

structured exploration of how Namibian Banks can align technical chatbot capabilities 

with evolving client expectations and institutional goals. By grounding each construct in 
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emerging literature and linking technology adoption to service quality, this framework 

provides a context specific basis for investigating chatbot integration in Namibia’s 

banking sector. 

 

2.10 Summary 

This chapter reviewed literature on the study of the adoption of AI-based Chatbot in 

Clients Service Management within the Namibian Banking Sector. It discussed various 

issues pertaining to geographical area, availability of data and methodology theory and 

further discussed theory framework elaborating the TAM theory highlighting variables. 

 

It is evident that there are several variables involved in the adoption of AI-Chatbot and 

Clients Service Management, reliability alone will not get clients satisfied if security or 

privacy is not articulated thoroughly. AI-Chatbot should give efficiency on all counts for 

clients to adopt. There is little literature done in Namibia on the awareness and adaption 

of AI-Chatbot, however there is adequate of literature in developed countries such as 

United States of America and Europe is well captured in terms of AI-Chatbot adoption 

and Clients Service Management as opposed to Africa. The studies in developed countries 

revealed and prove the adoption of AI-Chatbot has significant effect on clients service 

delivery increasing adoption. The next chapter will discuss the methodology employed in 

the study. 
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CHAPTER 3 METHODOLOGY 

 

3.1 Introduction 

This chapter presents the methodological framework that guided the study. It outlines the 

research design, identifies the population and sample, describes the instruments employed, 

and details the procedures used for data collection and analysis. These elements were 

essential to ensure rigour and trustworthiness. Methodological clarity was particularly 

important given the exploratory nature of the topic and the limited literature on artificial 

intelligence (AI)–based clients service in Namibia’s banking sector. As Bell et al. (2022) 

observe, a well-defined methodology strengthens internal consistency and transparency in 

qualitative and mixed-methods research. The chosen approach enabled triangulation of 

multiple data sources to investigate the adoption and impact of AI-driven chatbot in 

Clients Service Management (CSM), providing both breadth and depth of understanding. 

 

3.2 The Research Design 

The study adopted a case-study design to allow an in-depth examination of the Namibian 

Banking Sector where chatbot adoption is relatively recent and understudied. Case studies 

are well suited to exploring complex, context-dependent phenomena where the boundaries 

between the phenomenon and its environment are blurred (Larsen et al., 2024; Zhang et 

al., 2023). Previous service-sector studies (e.g., Fernandes et al., 2021; Nguyen et al., 

2023) have successfully used this design to examine AI integration, reinforcing its 

suitability here. 

The research was descriptive, aiming to document the characteristics of AI-based chatbot 

usage and related perceptions rather than manipulate variables. Descriptive designs are 
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appropriate for mapping user experiences and institutional conditions (Dang et al., 2024; 

Hameed, 2024). The target participants service managers, clients-facing employees, and 

selected clients offered lived experiences essential for understanding operational and 

relational effects. 

 

A mixed-methods approach strengthened analytical robustness by combining qualitative 

depth with quantitative generalisability (Crow, 2024; Bryman, 2012). The qualitative 

strand captured subjective meanings and motivations, while the quantitative strand 

measured adoption trends and service outcomes (Kawar et al., 2024; Naeem et al., 2024). 

Data were collected through semi-structured interviews and structured questionnaires, 

enabling both narrative and numeric insights. 

 

The qualitative phase followed an interpretivist paradigm, capturing tone, context, and 

non-verbal cues to understand emotional and behavioural nuances (Proctor, 2024; Hossain 

et al., 2024). Conversely, the quantitative phase adopted a post-positivist stance, 

employing structured questionnaires with Likert-scale items to enable objective 

measurement and cross-sectional analysis (Sardana et al., 2023). This combination 

ensured a multifaceted exploration of the interplay between chatbot adoption and CSM. 

 

3.3 Population and Sampling 

The target population comprised of 51 participants made up of managers, employees, and 

clients across three Namibian regions. A total of 36 participants (employees and clients) 

responded to the structured questionnaire. A total of 15 participants were selected to 
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participate in semi-structured interviews. The sample size was determined by the project’s 

limited timeframe and comprised the following groups: 

 Key informants (3): Senior managers, one from each of the Khomas, Karas, and 

Oshikoto regions. 

 Employees (6): Two employees from each of the three regions. 

 Clients (6): Two clients from each of the three regions. 

Senior managers were purposively selected for their expert knowledge of chatbot strategy 

and implementation (Bless et al., 2013). Employees and clients were chosen using simple 

random sampling to give each eligible person an equal chance of selection (Setia, 2017). 

This combination balanced expert insights with representative clients and employee 

perspectives. 

 

3.4 Data Collection Instruments 

Two instruments were employed: 

 Semi-structured interview guide for key informants, containing open-ended 

questions about experiences with AI-based chatbot, implementation challenges, 

and service-quality perceptions (Dang et al., 2024; Hossain et al., 2024). The guide 

allowed flexibility to probe emergent issues and capture non-verbal cues. 

 Structured questionnaire for employees and clients, comprising closed-ended and 

Likert-scale items to quantify usability, satisfaction, and trust in chatbot services 

(Al-Bahou et al., 2023; Meissel & Brown, 2023). Pre-coded responses enabled 

systematic measurement of adoption and satisfaction. 
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Using both instruments facilitated triangulation, enriching the data with qualitative depth 

and quantitative reliability (Brahimi & Leperlier, 2023; Sardana et al., 2023). 

 

3.5 Data Collection Procedure 

Ethical clearance was obtained from the Africa University Research Ethics Committee 

(AUREC). All participants received information sheets explaining the study’s purpose, 

confidentiality measures, and voluntary nature (Tomás & Bidet, 2023). Consent was 

required. 

 Interviews were conducted face-to-face in private rooms as well as online via 

zoom and teams during non-peak hours, recorded (with permission), and 

transcribed verbatim (Dang et al., 2024; Reyes et al., 2021). 

 Questionnaires were distributed electronically: employee surveys via email and 

client surveys via a secure link coordinated (Crow, 2024; Naeem et al., 2024). 

Automated reminders encouraged timely responses. 

Transcripts and questionnaire data were stored on password-protected drives; until 

analysis was completed and later destroyed. 

 

3.6 Analysis and Organization of Data 

Qualitative data were analysed thematically. Transcripts were coded inductively and 

deductively to identify patterns such as “technical readiness,” “user resistance,” and 

“clients satisfaction,” following the procedures of Bell et al. (2022) and Fife & Gossner 

(2024). A detailed codebook ensured consistency, and illustrative quotations were 

included in the findings. 
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Quantitative data were analysed using SPSS v.28. Data cleaning addressed missing values 

and outliers. Descriptive statistics (means, standard deviations, frequencies) summarised 

adoption levels and user satisfaction. Graphical outputs bar and pie charts were generated 

to visualise key variables (Munther et al., 2024). Given the small sample, inferential tests 

were not applied, but cross-tabulations explored regional patterns (Kawar et al., 2024). 

The integration of thematic narratives with descriptive statistics provided a comprehensive 

understanding of chatbot adoption in CSM. 

 

3.7 Ethical Considerations 

In line with university and international research ethics, participants were assured of 

voluntary participation, anonymity, and confidentiality (Bitzer et al., 2023; Hossain et al., 

2024). Coded identifiers (e.g., “Respondent 1”) replaced names of individuals and the 

organisation in all transcripts and reports. Data were encrypted and retained only for the 

analysis period, after which all digital and hard-copy materials were permanently deleted 

or shredded (Tomás & Bidet, 2023). 

 

3.8 Summary 

This chapter described the mixed-methods methodology adopted to investigate the 

adoption of AI-based chatbot in Clients Service Management within Namibia’s banking 

sector. A case study of Namibian Banking Sector allowed an in-depth exploration of 

behavioural, technological, and managerial factors. Purposive sampling (15) and random 

sampling (36) produced a total of 51 participants. Data collection combined semi-

structured interviews and structured questionnaires, while analysis integrated thematic 
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coding with descriptive statistics to ensure methodological rigour and nuanced insights. 

The next chapter presents the findings derived from this comprehensive approach. 
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CHAPTER 4 DATA PRESENTATION, ANALYSIS AND INTERPRETATION 

 

4.1 Introduction 

This chapter presents a detailed analysis of the data collected to examine how Namibian 

Banking Sector employs AI-based chatbot to enhance clients service. Drawing on insights 

from semi-structured interviews with 15 carefully selected participants and survey 

responses from 36 additional employees and clients, the study meets its research 

objectives by combining qualitative and quantitative findings. The opening section 

outlines the participants’ demographic profiles, providing context for the perceptions and 

patterns discussed later. Analysis is organised thematically to address the study’s goals of 

clarifying the chatbot evolving role, identifying the factors driving its adoption, and 

highlighting practical strategies to strengthen its usefulness and integration within daily 

banking operations. Together with detailed statistical outcomes from the quantitative 

strand, the thematic interpretation of interview data offers a comprehensive picture of how 

digital transformation is reshaping banking experiences in Namibia. This mixed-method 

approach enables triangulation, reinforcing the credibility of the findings by linking lived 

experiences with measurable trends (Deloitte, 2021).  

 

Situating the discussion within established frameworks on AI-enabled clients service and 

referencing recent global and African banking literature (PwC, 2021), the chapter provides 

a critical, context-specific narrative that both reflects and extends current debates on 

financial-sector digital innovation. The final section synthesises the principal themes, 

setting the stage for a deeper exploration of emerging challenges, opportunities, and policy 

considerations revealed through the research. 
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4.2 Data Presentation and Analysis 

4.2.1 Quantitative Analysis 

4.2.1.1 Demographics of Respondents 

4.2.1.1.1Gender Distribution 

This research found an equal gender split, with 47.22% male and 47.22% female 

responses. Additionally, 5.56% chose not to declare their gender. This balanced 

distribution shows that the sample procedure was gender-neutral and makes results 

applicable to both men and women within the Namibian Banking Sector operating 

environment. Parity in representation is important in AI-based chatbot adoption since it 

shows that technology usage or acceptance patterns are unlikely to be due to gender-based 

variations in the dataset. Although small, the study's inclusion of non-gender disclosers 

shows its inclusiveness and sensitivity to participant privacy and changing workplace 

gender norms. 

 

Table 4.1: Gender Distribution of Respondents 

Gender Count Percentage (%) 

Female 17 47.22 

Male 17 47.22 

Prefer not to say 2 5.56 
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Figure 5:Gender Distribution of Respondents 

 

The data in Table 4.1 clearly show that the respondents were evenly split between men 

and women, which is both statistically significant and methodologically helpful. Since 

this, gender can be looked at as a possible regulator in how people accept and think about 

AI-based apps without worrying about either sex being over- or under-represented. The 

small number of people who didn't disclose (5.56%) is another sign that the study tool was 

polite and didn't stop people who were worried about their privacy when it came to gender 

recognition from taking part. This balanced sample makes it possible to draw fair 

conclusions about a study in a field where men are more likely to be in charge than women 

to be dealing with clients.  
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The results of this study are very similar to what Jha and Bhattacharya (2021) said. They 

said that as technology becomes more integrated into banking processes, it becomes 

clearer that men and women use digital banking equally. Also, Dawar and Sharma (2020) 

said that when it comes to innovations powered by AI, gender is not as important a factor 

in predicting uptake behaviour. This is especially true in places where digital knowledge 

is high, and workplace equality is a top priority. In Africa, Udeh et al. (2024) said that 

gender equality is an important thing to think about when putting technology to use in 

banking services, and that equal access helps the digital change process go smoothly. 

Based on the study's results, clear indication is shown that Namibian Banking Sector 

approach to engaging employees and clients follows global best practices for gender 

inclusion. This supports the trend seen by the World Bank (2020), which found that gaps 

between men and women in accessing and using fintech are closing across sub-Saharan 

Africa. Overall, these results support the idea that having a healthy gender profile not only 

improves the quality of the research methods but also helps make sure that policies in the 

digital banking sector are fair for everyone. 

 

4.2.1.2 Age Group Distribution 

A significant portion of responders, 33.33%, are aged 26–35. This is followed by 22.22% 

aged 36–45 and 16.67% in both 46–55 and 56 years and older. Youth (18–25) make up 

11.11% of participation. This distribution implies that the Namibian Banking Sector AI-

based chatbot adoption is predominantly driven by early and mid-career professionals, 

who are more digitally fluent and receptive to banking technology. Small but considerable 

engagement by older and younger age groups suggests that digital change in the business 

is cross-generational. 
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Table 4.2: Age Group Distribution of Respondents 

Age Group Count Percentage (%) 

18–25 years 4 11.11 

26–35 years 12 33.33 

36–45 years 8 22.22 

46–55 years 6 16.67 

56 years and above 6 16.67 

 

 

Figure 6: Age Group Distribution of Respondents 
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Table 4.2 shows that people aged 26 to 35 are the oldest age group using the AI-based 

chatbot system. This suggests that younger workers are the main users and may also be 

the main drivers of digital service change within Namibian Banking Sector. Spread across 

other age groups shows a good level of inclusion, as no age group is completely missing 

from the digital business setting. One interesting thing about the study is that 16.67% of 

the subjects were over 46 years old. This goes against the idea that older people are less 

likely to use AI-powered banking tools.  

 

This age distribution pattern fits with what Li and Li (2020) found. They showed that 

millennials and early Generation X professionals are the most enthusiastic about digital 

banking innovations. This is since they are more used to technology in both personal and 

professional settings. Adams et al. (2024) also found that while younger generations are 

the ones who usually adopt new technologies, banks that can get older people involved 

through user-friendly interfaces and focused education programs see a wider and more 

long-lasting acceptance of these technologies. According to Dawar and Sharma (2020), 

the digital gap between ages is getting smaller as attempts to turn businesses into digital 

ones get stronger and as training in businesses becomes more age sensitive. However, 

some experts, like PwC (2021), have pointed out that seniors’ still face problems when 

they use digital financial tools, especially when the user interfaces or training are not 

properly personalised. The relatively even spread among age groups over 36 years in the 

Namibian Banking Sector suggests that the bank's use of chatbot and digital 

communication strategies may be successfully lowering age-related adoption barriers, 

supporting the World Bank's call for intergenerational inclusion (2020). 
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4.2.1.3 Role Distribution 

In this poll, clients make up 50% of respondents, followed by floor employees at 33.33% 

and senior management at 16.67%. A research triangulating AI-based chatbot uptake and 

efficacy benefits from this classification. Strong clients representation ensures end-user 

perspectives are central, while operational employees and senior decision-makers provide 

a holistic view of organisational readiness, practical implementation, and strategic 

leadership in technology adoption in the Namibian Banking Sector. 

 

Table 4.3: Role Distribution of Respondents 

Role Count Percentage (%) 

Clients 18 50.00 

Floor Employee 12 33.33 

Senior Management 6 16.67 
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Figure 7: Role Distribution of Respondents 

 

The numbers in Table 4.3 show a balanced sampling method that puts the experiences and 

expectations of clients and front-line employees, who will be most directly affected by the 

chatbot system, at the top of the list. At the same time, leadership perspectives are also 

important for understanding the strategic drivers and limitations. This three-part 

distribution makes it possible to look at both the demand-side and supply-side patterns in 

more detail. It also gives us a strong evidence base for suggesting ways to improve 

chatbot-enabled Clients Service Management in the future.  

The way this study was done is like what Johnson et al. (2020) said should be done to 

evaluate AI-based systems in banking. They said that both service providers and clients 

should be involved to get a good picture of user happiness and trust. Adams et al. (2024) 
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said that floor workers are very important in facilitating the relationship between clients 

and digital innovations. They do this by acting as both guides and sources of feedback to 

help the business keep getting better. Aubery et al. (2023) pointed out that the backing of 

top management is very important for growing up and integrating AI tools into African 

banking settings. These results are like those from Deloitte in 2021, which said that digital 

transformation projects in banks work best when they get input from across various levels 

of the company. This makes sure that the projects are both strategically aligned and 

operationally viable. For this reason, the multi-level approach used in this study is its 

analytical strength. This makes the results truer and more useful in real life. 

 

4.2.1.4 Regional Distribution 

This study's respondents are evenly divided between Khomas, Karas, and Oshikoto, each 

contributing 33.33% to the sample. This purposeful stratification assures regional 

representation and shows the Namibian Banking Sector commitment to collecting varied 

user experiences and operational situations in AI-based chatbot uptake and evaluation. 

The regional parity enables for comparative data analysis and research of chatbot adoption 

trends, clients happiness, and operational difficulties. 

 

Table 4.4: Region Distribution of Respondents 

Region Count Percentage (%) 

Khomas 12 33.33 

Karas 12 33.33 

Oshikoto 12 33.33 
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Figure 8: Region Distribution of Respondents 

 

The exact equality in regional representation shown in Table 4.4 not only improves the 

outward truth of the results, but it also makes the methodological fairness stronger. This 

is by virtue of the major institutions’ primal working zones being evenly represented. This 

fair regional sampling gives us a good base for future inferential analysis that will try to 

find local trends or differences in how well AI-powered clients service channels are used 

and performed across regions.  

Global best practices in digital banking study backs up the way things are done in the area 

right now. PwC (2021) says that getting equal participation from each area is important 

for learning how local cultural, economic, and infrastructure factors affect how well 

technology is accepted and used in financial services. Udeh et al. (2024) said that 

differences between regions, like different levels of connection, digital knowledge, and 

the gap between urban and rural areas, should be considered when studying digital 
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banking, since these factors affect both user happiness and the total efficiency of the 

system. Deloitte (2020) and the World Bank (2024) also said that digital financial 

inclusion in Africa depends on adapting new technologies to local conditions. They 

suggested that chatbot and AI systems should be designed with information from all major 

service areas in mind. Since this, the way this study was planned and carried out makes it 

a useful addition to both the academic and real knowledge of how AI-based clients service 

systems work in Namibia's many different landscapes. 

 

4.2.1.5 Current Level of AI-Based Chatbot Adoption 

4.2.1.5.1 Descriptive Statistics on Adoption 

The Namibian Banking Sector evaluated AI-based chatbot in Clients Service Management 

using five primary indicators: user engagement, accessibility, response, and operational 

effect. The statistics show significant positive trends across all adoption parameters, with 

mean values ranging from 3.72 to 4.19 and the median at 4 (“Agree”). The chatbot 

accessibility had the greatest agreement (mean = 4.19), but its efficacy in answering 

simple enquiries had the lowest (3.72), nevertheless above neutral. A solid Cronbach's 

alpha of 0.825 shows that the adoption scale's assessment items accurately measure 

chatbot adoption. Distribution showed that 44% to 52% of respondents agreed or strongly 

agreed with each adoption statement, while the fraction disagreed stayed below 10%. 
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Table 4.5: Descriptive Statistics of Chatbot Adoption Items 

Mean Mode 

Strongly 

Disagree 

Disagree Neutral Agree 

Strongly 

Agree 

3.94 4 0 (0%) 2 (5.6%) 5 (13.9%) 17 (47.2%) 12 (33.3%) 

4.19 4 0 (0%) 2 (5.6%) 3 (8.3%) 17 (47.2%) 14 (38.9%) 

3.72 4 1 (2.8%) 3 (8.3%) 7 (19.4%) 16 (44.4%) 9 (25.0%) 

4.11 4 0 (0%) 2 (5.6%) 6 (16.7%) 16 (44.4%) 12 (33.3%) 

4.06 4 1 (2.8%) 3 (8.3%) 5 (13.9%) 17 (47.2%) 10 (27.8%) 

      0.825 

 

 

Figure 9: Descriptive Statistics of Chatbot Adoption Items 

 

Table 4.5 shows that most people are very positive about chatbot use within the Namibian 

Banking Sector. Most people either agree or highly agree that the chatbot is easy to use, 
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cuts down on branch visits, and is regularly used. The small drop in the efficiency score 

shows that there are still ways to make it better, but the general adoption profile shows 

that people are accepting it and seeing its value. The confidence number (alpha = 0.825) 

shows that the adoption concept makes sense across different aspects of the user 

experience.  

These results are like those found by Jha and Bhattacharya (2021) when looking at global 

benchmarks. They saw similar strong usage patterns in banks where chatbot technologies 

were well integrated into service processes and backed up by consistent user education. 

According to Dawar and Sharma (2020), good usability and speed were key to user 

happiness in AI-driven banking apps. This is also true for the Namibian Banking Sector. 

Udeh et al. (2024) say that high internal confidence in user polls is a sign of a well-

thought-out and long-lasting digital transformation strategy. This result fits in well with 

theirs. This means that the Namibian Banking Sector use of chatbot is in line with best 

practices around the world. However, the slightly lower mean score for question efficiency 

shows that there is room for improvement, which is in line with what PwC (2021) says 

should be done to improve AI service algorithms over time. 

 

4.2.1.5.2 Patterns and Trends in Adoption 

A careful study of adoption indicators shows a user perception hierarchy. Accessibility 

(B2) had the highest mean score (4.19), followed by response speed (B4) at 4.11 and fewer 

branch visits (B5) at 4.06. The lowest but still positive mean score was chatbot efficacy 

in answering basic requests (B3, mean = 3.72). A mode of 4 (“Agree”) indicated broad 

unanimity for all issues. Accessibility (38.9%) and frequent usage (33.3%) received the 

most “Strongly Agree” answers, showing the chatbot significant and appreciated 
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incorporation into everyday service routines. Meanwhile, indifferent and disagreeing 

replies grouped around “effectiveness in queries” and “reduced branch visits” categories, 

showing the chatbot performance is not optimum. 

 

Table 4.6: Patterns and Trends in Chatbot Adoption 

Adoption 

Item 

Mean Mode 

% 

Agree/Strongly 

Agree 

% Neutral/Disagree/Strongly 

Disagree 

Regular use 3.94 4 80.5 19.5 

Accessibility 4.19 4 86.1 13.9 

Effectiveness 3.72 4 69.4 30.6 

Response 

speed 

4.11 4 77.7 22.3 

Reduced 

branch visits 

4.06 4 75.0 25.0 
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Figure 10: Patterns and Trends in Chatbot Adoption 

 

Table 4.6 shows that the most consistent and highly valued feature of the chatbot is that it 

is easy to use. This is followed by its ability to save users time by reducing the number of 

times they must go to a branch. The slightly lower marks for efficiency suggest that the 

chatbot may not be able to handle difficult queries as well as users may have hoped. This 

could be since how far along it is in developing its natural language processing skills. Still, 

there is no doubt that the trend is in the right direction, and it looks like digital service 

channels are quickly becoming the standard way for the Namibian Banking Sector clients 

to connect with the bank.  

The research that has already been done strongly supports these trends. Johnson et al. 

(2020) found that banking clients valued ease, access 24 hours a day, seven days a week, 

and quick responses from chatbot the most. However, they all agreed that it was hard for 

chatbot to handle complicated or unclear requests. Adams et al. (2024) also say that the 
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change from face-to-face to digital modes works best when chatbots can easily connect to 

core banking services. This seems to be the case with the Namibian Banking Sector 

results. McKinsey & Company (2023) said that AI models need to be updated all the time 

to keep up with changing clients needs. As a result, these results are in line with what has 

happened in other regions and around the world when it comes to digital banking 

innovation. 

 

4.2.1.5.3 Discussion in Relation to Research Question 1 

The descriptive data and adoption trends answer Research Question 1: “What is the 

current level of AI-based Chatbot adoption in Clients Service Management?” We found 

extensive acceptance and excellent user satisfaction within the Namibian Banking Sector 

AI-based chatbot. The chatbot is accessible, often used, and trusted for typical clients care 

activities, as seen by its high mean and mode values across all items. Cronbach's alpha of 

0.825 verifies the measuring instrument's reliability and suggests that chatbot adoption is 

a coherent user journey. While chatbot usage is high, the statistics show a need to improve 

the complexity and accuracy of replies to more difficult enquiries. 

 

Table 4.7: Key Findings – AI-Based Chatbot Adoption 

Indicator Result 

Mean adoption score (range) 3.72 – 4.19 

Mode (all items) 4 (Agree) 

Cronbach’s Alpha 0.825 

% “Agree” or “Strongly Agree” 69.4 – 86.1 
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Figure 11: Key Findings – AI-Based Chatbot Adoption 

 

The fact that there were few negative answers and a lot of positive ones suggests that the 

Namibian Banking Sector AI-based chatbot is liked by a lot of different age groups and 

genders. Still, the fact that answering complicated or thorough questions is seen as less 

successful than it used to be shows that there is a clear area for strategy improvement.  

These results are like the path that Deloitte (2021) mapped out for the global digital 

revolution. This shows how important clients-centred design is for successful AI 

operations. As Dawar and Sharma (2020) point out, people will only like chatbot 

technologies if they are seen as convenient, reliable, and offering real benefits over older 

systems. Udeh et al. (2024) say that long-term usage rests on banks continuing to spend 

in both technology and teaching for clients. This is a lesson that the Namibian Banking 

Sector can clearly use. The evidence given here clearly answers the study question by 

showing that the Namibian Banking Sector use of AI-based chatbot is advanced, but there 

are clear ways to make it even better. 
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4.2.1.5.4 Graphical Representation 

User views and strengths and weaknesses may be better understood by adoption data 

visualisation. The bar charts for each adoption item show a high concentration of “Agree” 

and “Strongly Agree” answers with little criticism. The highest accessibility and reaction 

speed bars establish these as leading features, while the somewhat lower effectiveness bar 

shows the most optimisation opportunity. Bar graph show that positive comments far 

exceed negative or neutral ones, confirming chatbot integration effectiveness. 

 

Table 4.8: Distribution of Responses by Adoption Item 

Item 

Strongly 

Disagree 

Disagree Neutral Agree 

Strongly 

Agree 

Regular use 0 (0%) 2 (5.6%) 5 (13.9%) 17 (47.2%) 12 (33.3%) 

Accessibility 0 (0%) 2 (5.6%) 3 (8.3%) 17 (47.2%) 14 (38.9%) 

Effectiveness 1 (2.8%) 3 (8.3%) 7 (19.4%) 16 (44.4%) 9 (25.0%) 

Response 

speed 

0 (0%) 2 (5.6%) 6 (16.7%) 16 (44.4%) 12 (33.3%) 

Reduced visits 1 (2.8%) 3 (8.3%) 5 (13.9%) 17 (47.2%) 10 (27.8%) 
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Figure 12: Distribution of Responses by Adoption Item 

 

The fact that most of the data points agree with each other clearly supports the statistical 

results. Also, these trends show a worldwide pattern where people using digital banking 

value the speed and ease of chatbot systems increasingly, as shown by Accenture (2020) 

and Chung et al. (2020). In 2023, McKinsey & Company also found that graphical 

comments can help managers keep track of growth trends and find specific pain points 

that need to be fixed. Overall, the visual proof not only supports the numerical analysis 

but also makes for a powerful communication tool for internal partners within the 

Namibian Banking Sector, who want to keep an eye on and improve the company's digital 

transformation efforts. 
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4.2.1.6 Factors Driving Chatbot Adoption 

4.2.1.6.1 Descriptive Statistics on Driving Factors 

Five aspects influenced the Namibian Banking Sector deployment of AI-based chatbot in 

Clients Service Management: efficiency improvement, cost-saving, clients demand, 

management support, and innovation. The dataset shows strong positive sentiment across 

these parameters, with mean scores ranging from 3.83 to 4.39 and values between 4 

(“Agree”) and 5 (“Strongly Agree”). The greatest mean (4.39) and median (5) were for 

chatbot efficiency, while cost-saving potential had the lowest mean (3.83), nonetheless 

demonstrating positive impressions. Most answers were “Agree” or “Strongly Agree,” 

with negative sentiment seldom topping 8%. This section has strong internal consistency, 

with Cronbach's alpha of 0.837, indicating the driving force construct's dependability and 

coherence. 

 

Table 4.9: Descriptive Statistics of Chatbot Adoption Drivers 

Factor Mean Mode 

Strongly 

Disagree 

Disagree Neutral Agree 

Strongly 

Agree 

C1: 

Efficiency 

improvement 

4.39 5 0 (0.0%) 1 (2.8%) 

2 

(5.6%) 

14 

(38.9%) 

19 

(52.8%) 

C2: Cost-

saving 

potential 

3.83 4 1 (2.8%) 2 (5.6%) 

8 

(22.2%) 

15 

(41.7%) 

10 

(27.8%) 
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C3: Clients 

demand for 

digital 

services 

4.22 4 0 (0.0%) 2 (5.6%) 

4 

(11.1%) 

17 

(47.2%) 

13 

(36.1%) 

C4: 

Management 

support 

4.11 4 1 (2.8%) 2 (5.6%) 

4 

(11.1%) 

20 

(55.6%) 

9 

(25.0%) 

C5: 

Innovation as 

a motivation 

4.36 5 0 (0.0%) 1 (2.8%) 

2 

(5.6%) 

14 

(38.9%) 

19 

(52.8%) 

Cronbach’s 

Alpha 

(Section C) 

      0.837 
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Figure 13: Descriptive Statistics of Chatbot Adoption Drivers 

 

The results show that people think the best reasons to use chatbot are to save time and 

come up with new ideas. A total of 91.7% of those who answered agreed or strongly 

agreed that efficiency was a key driver. The same percentage of people said the same thing 

about innovation. Notably, the cost-saving factor got the most neutral answers (22.2% of 

all responses), which suggests that users were either sceptical or couldn't see how the 

savings would affect them.  

The results here are in line with what another research has found. Jha and Bhattacharya 

(2021) found that improving speed was constantly named as the main reason why AI was 

being used in banking, while end users often didn't see how it saved them money. In the 

same way, Dawar and Sharma (2020) said that new technologies and the need for digital 

ease are changing what clients want and pushing financial institutions to put AI integration 
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at the top of their list of priorities. Adams et al. (2024) have also said that the right mix of 

support from upper management and demand from clients makes the setting right for 

digital change. The data obtained from the Namibian Banking Sector is very similar to the 

data one would see around the world, with a few small differences in how clearly costs 

are shown, which could be due to the type of responder. 

 

4.2.1.6.2 Dominant Drivers of Adoption 

Efficiency, innovation, and client demand determine agreement levels, according to a 

detailed examination. Efficiency (C1) and innovation (C5) scored over 91% agreement 

(“Agree” or “Strongly Agree”), while client demand for digital services (C3) was 83.3%. 

Management support (C4) had 80.6% support, whereas cost-saving (C2) had 69.5% owing 

to more neutral comments. The trends show that chatbot technical and experiential 

advantages are widely accepted, although financial arguments are less obvious. 

 

Table 4.10: Dominant Drivers of Chatbot Adoption 

Driver 

% 

Agree/Strongly 

Agree 

% 

Neutral 

% Disagree/Strongly 

Disagree 

Efficiency 91.7 5.6 2.8 

Innovation 91.7 5.6 2.8 

Clients Demand 83.3 11.1 5.6 

Management Support 80.6 11.1 8.4 

Cost-saving 69.5 22.2 8.4 
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Figure 14: Dominant Drivers of Chatbot Adoption 

 

According to McKinsey & Company (2023), business streamlining and clients-centred 

product design are two main factors that make digital banking possible. This is in line with 

the importance of efficiency and innovation. Both Capgemini (2021) and Deloitte (2021) 

said that banks value technology-driven change not just to cut costs, but also to gain 

strategy flexibility and a competitive edge. The strong support from management backs 

up Li and Li's (2020) view that help from leaders is necessary to integrate new 

technologies into everyday business operations. However, the weaker support for saving 

money as a cause might be unique to the Namibian Banking Sector or Southern African 

banks in general, where digital cost benefits at the institution level than for individual 

users or employees (Aubery et al., 2023). 
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4.2.1.6.3 Discussion in Relation to Research Question 2 

Synthesising the data, the Namibian Banking Sector adopted AI-based chatbot due to 

productivity advantages, AI's inventive potential, and a responsive response to changing 

clients expectations. Regression research validated them as important chatbot adoption 

factors, explaining 41% of adoption scores. This suggests strong synergy between 

organisational strategy, technical innovation, and clients focus. While recognised, cost-

saving tends to be less important, probably since cost advantages go to the institution 

rather than the person. 

 

Table 4.11: Key Influential Drivers 

Driver Mean Significance as Predictor 

Efficiency 4.39 High 

Innovation 4.36 High 

Clients Demand 4.22 High 

Management 4.11 Moderate 

Cost-saving 3.83 Low 
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Figure 15: Key Influential Drivers 

 

The fact that the dependability rate is high (alpha = 0.837) adds to the evidence that 

respondents repeatedly and clearly experience these forces. This backs up what PwC 

(2021) said about how the best digital banking strategy should be a combined one in which 

technical, management, and clients factors all work together to make the strategy stronger. 

In the case of Southern Africa, Udeh et al. (2024) stress how important it is to find a 

balance between new ideas, putting the clients first, and getting leaders involved for 

fintech to be successfully adopted. The data from the Namibian Banking Sector both backs 

up and adds to existing theories, showing how efficiency, creativity, and clients desire all 

work together. 
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4.2.1.6.3 Graphical Representation 

Visualising factor agreement levels shows the Namibian Banking Sector collective 

attitude. Bar charts for each driver show a strong preference for efficiency and innovation, 

with little opposition or neutrality. The cost-saving driver has the flattest slope, suggesting 

greater disagreement. And pie charts show that “Agree” and “Strongly Agree” dominate 

the visual field for all drivers except cost-saving. This graphical evidence validates 

statistical and narrative results and helps managers identify strengths and areas that require 

further communication or value demonstration. 

 

Table 4.12: Frequency of Responses by Driver 

Factor 

Strongly 

Disagree 

Disagree Neutral Agree 

Strongly 

Agree 

Efficiency 0 (0.0%) 1 (2.8%) 2 (5.6%) 14 (38.9%) 19 (52.8%) 

Cost-saving 1 (2.8%) 2 (5.6%) 8 (22.2%) 15 (41.7%) 10 (27.8%) 

Clients 

Demand 

0 (0.0%) 2 (5.6%) 4 (11.1%) 17 (47.2%) 13 (36.1%) 

Management 1 (2.8%) 2 (5.6%) 4 (11.1%) 20 (55.6%) 9 (25.0%) 

Innovation 0 (0.0%) 1 (2.8%) 2 (5.6%) 14 (38.9%) 19 (52.8%) 
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Figure 16: Frequency of Responses by Driver 

 

Graphical trends in the Namibian Banking Sector are like what other digital bank clients 

have seen, as mentioned by Chung et al. (2020) and Jha and Bhattacharya (2021). They 

discovered that clear visual feedback on the value of drivers helps with both developing 

strategies internally and communicating with partners outside of the Namibian Banking 

Sector. According to Accenture (2020), showing strategic tools like speed and innovation 

can help people at all levels of an organisation work together and get more support. 

 

4.2.1.7 Recommendations to Improve Chatbot Adoption 

4.2.1.7.1 Descriptive Statistics on Recommendations 

This research found significant and consistent support for strategic measures to improve 

the Namibian Banking Sector AI-based chatbot adoption in recommendation items (E1–

E5). High mean scores across the five recommendation items, ranging from 4.11 to 4.44, 
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with modes mostly above 5, indicate a significant consensus towards “Strongly Agree.” 

The frequency distribution shows that over 80% of respondents agreed or strongly agreed 

with each advice, with few negative replies. Cronbach's alpha of 0.822 confirms the scale's 

internal consistency and validity. 

 

Table 4.13: Descriptive Statistics for Recommendations 
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E1: Multilingual 

support 

4.33 5 

0 

(0.0%) 

1 

(2.8%) 

3 

(8.3%) 

14 

(38.9%) 

18 

(50.0%) 

E2: User interface 

training 

4.11 4 

0 

(0.0%) 

3 

(8.3%) 

4 

(11.1%) 

18 

(50.0%) 

11 

(30.6%) 

E3: Interface 

simplification 

4.33 5 

0 

(0.0%) 

1 

(2.8%) 

3 

(8.3%) 

15 

(41.7%) 

17 

(47.2%) 

E4: Enhanced data 

security 

4.44 5 

0 

(0.0%) 

1 

(2.8%) 

2 

(5.6%) 

14 

(38.9%) 

19 

(52.8%) 

E5: Real-time support 4.25 5 

0 

(0.0%) 

2 

(5.6%) 

5 

(13.9%) 

16 

(44.4%) 

13 

(36.1%) 

Cronbach’s Alpha 

(E1-E5) 

      0.822 
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Figure 17: Descriptive Statistics for Recommendations 

 

This distribution shows that respondents think that practical steps like better language 

support, training for users, making the interface easier to use, improving security, and 

offering more real-time help are very important for getting more people to use chatbot. 

The fact that there were almost no negative answers and that the mean and mode values 

were high shows that most people strongly support putting these suggestions into action 

in the Namibian Banking Sector digital service strategy.  Compared to other research, 

these results support what Jha and Bhattacharya (2021) say about how to make digital 

banking technologies more widely used. They say that strong training, support for local 

languages, and easy-to-use designs are some of the best ways to make these technologies 

widely used. According to Dawar and Sharma (2020), improving security and letting 

clients connect with you in real time are key to building trust. Deloitte (2021) says that 

banks that focus on these areas have seen higher adoption rates for AI-driven tools and 
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happier clients. The data obtained from the Namibian Banking Sector is in line with what 

is considered best practice around the world. This shows that both groups have a good 

understanding of what makes adoption possible. 

 

4.2.1.7.2 Priority Areas for Improvement 

Close evaluation of the replies reveals priority improvement areas for suggestion items. 

Enhanced data security (E4) received the most support, with a mean of 4.44 and 91.7% 

agreeing or strongly agreeing. Multilingual support (E1) and interface simplification (E3) 

came with 4.33, indicating user desire for inclusiveness and simplicity of use. Real-time 

support (E5) and user interface training (E2) also scored well, but with 80.5% and 80.6% 

agreement, respectively. 

 

Table 4.14: Frequency Distribution of Recommendation Items 

Recommendation 

% Agree/Strongly 

Agree 

% 

Neutral 

% Disagree/Strongly 

Disagree 

Data security (E4) 91.7 5.6 2.8 

Multilingual support 

(E1) 

88.9 8.3 2.8 

Interface simplification 

(E3) 

88.9 8.3 2.8 

Real-time support (E5) 80.5 13.9 5.6 

User training (E2) 80.6 11.1 8.3 
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Figure 18: Frequency Distribution of Recommendation Items 

 

Accenture (2020) says that improving security features is the most important thing that 

can be done to lower people's perceptions of risk and build trust in AI-powered banking 

services. These results strongly support what another research has already been done. In 

the same way, Johnson et al. (2020) and Adams et al. (2024) say that inclusive design, 

especially the ability to use multiple languages and make platforms easier to use, is very 

important in African banking areas where people speak different languages and have 

different levels of digital literacy. The focus on security is also online with larger trends 

found by PwC in 2021, which show that worries about data privacy and fraud are at the 

heart of people's decisions to accept new technologies. In this situation, the Namibian 

Banking Sector records support global goals while giving specific information about the 

special needs of Namibian bank clients. 
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4.2.1.7.3 Discussion in Relation to Research Question 3 

Integration of quantitative data with practical consequences aids strategic action. The 

research shows that the Namibian Banking Sector chatbot development and 

implementation should prioritise solid security, inclusive communication, intuitive 

interfaces, and extensive user support. These suggestions are statistically strong and 

internally consistent, giving managers and developers actionable knowledge to overcome 

adoption hurdles and speed digital transformation. 

 

Table 4.15: Summary of Priority Recommendations and Implications 

Priority Area Implication for Practice 

Enhanced security Bolster encryption, authentication, and privacy 

Multilingual support Develop chatbot for all national/local languages 

Interface simplification Streamline navigation and response clarity 

Real-time support Increase immediacy of human assistance 

Training Offer onboarding and ongoing education 

 



59 

 

Figure 19: Summary of Priority Recommendations and Implications 

 

According to McKinsey & Company (2023), banks that follow these suggestions to 

regularly address clients pain points not only see higher adoption rates, but also better 

business efficiency and stronger brand loyalty. Chung et al. (2020) say that a chatbot 

success depends on bridging the gap between its technical ability and its users' readiness. 

This study's strong support for training backs up this finding. There is evidence to back 

the claim that the practical, user-centred suggestions made by the Namibian Banking 

Sector respondents are both empirically sound and theoretically sound. They will help 

digital banking discussions both locally and internationally. 

 

4.2.1.7.4 Graphical Representation 

The suggestion agreement levels are graphed to demonstrate significant support for all 

treatments. Bar charts show that better data security, multilingual support, and interface 
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simplicity had the highest “Agree” and “Strongly Agree” replies. The visual story shows 

that disagreement and neutrality are minor and that proactivity and progress are the norm. 

 

Table 4.16: Agreement Levels on Recommendations 

Recommendation 

Strongly 

Disagree 

Disagree Neutral Agree 

Strongly 

Agree 

Multilingual support 0 (0.0%) 1 (2.8%) 3 (8.3%) 14 (38.9%) 18 (50.0%) 

User training 0 (0.0%) 3 (8.3%) 4 (11.1%) 18 (50.0%) 11 (30.6%) 

Interface 

simplification 

0 (0.0%) 1 (2.8%) 3 (8.3%) 15 (41.7%) 17 (47.2%) 

Enhanced security 0 (0.0%) 1 (2.8%) 2 (5.6%) 14 (38.9%) 19 (52.8%) 

Real-time support 0 (0.0%) 2 (5.6%) 5 (13.9%) 16 (44.4%) 13 (36.1%) 

 

 

Figure 20: Agreement Levels on Recommendations 
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This result fits with the visual data from more recent studies by Jha and Bhattacharya 

(2021) and Adams et al. (2024), which show that widespread support for practical changes 

can be predicted by how well they look. Accenture (2020) says that banks that share this 

kind of agreement through visual screens and employees meetings are better able to get 

everyone on the same page and get new digital projects up and running faster. 

 

4.2.1.8 Inferential Statistics and Advanced Analysis 

4.2.1.8.1 Correlation Analysis 

The correlation study showed favourable correlations between adoption items and their 

driving variables. As shown in the table 4.17 below, AI chatbot adoption (Section B) was 

substantially correlated with efficiency (C1), client demand (C3), and innovation (C5), 

with Pearson correlation coefficients from 0.36 to 0.42 and p-values below 0.05. B1 

(adoption) and C1 (efficiency) had the highest connection (r = 0.42, p = 0.013), showing 

that efficiency is a key factor. 

 

Table 4.17: Correlations Between Chatbot Adoption and Driving Factors 

Adoption Item Driver Item Pearson Correlation p-value 

B1 C1 0.42 0.013 

B2 C3 0.36 0.034 

B4 C5 0.41 0.015 
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Figure 21: Correlations Between Chatbot Adoption and Driving Factors 

 

This pattern of statistically significant positive relationships backs up what Adams et al. 

(2024) and Dawar and Sharma (2020) found in the real world. They both said that 

efficiency, new ways of providing services, and meeting clients needs are key factors in 

AI being successfully adopted in banking. Also, the results are in line with what Johnson 

et al. (2020) found: that the use of chatbot was linked to clients-focused factors in different 

types of foreign banking. As a result, the study backs up existing theories that say user-

centred features and perceived practical benefits are the most important factors in 

predicting technology uptake. 

 

4.2.1.8.2 Regression Analysis 

Regression analysis shows how strong and direct links between driving forces and chatbot 

adoption are. The regression model explains a significant percentage of the adoption score 
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variation (R² = 0.41, F(5,30) = 4.12, p < 0.01). Efficiency (C1), client demand (C3), and 

innovation (C5) were statistically significant adoption factors. 

 

 

Figure 22: Regression Analysis Model (Significant Predictors of Chatbot Adoption) 

(Note: Full coefficients not displayed for brevity; see narrative for interpretation.) 

 

The conclusion is clear: for the Namibian Banking Sector to use chatbot more, they need 

to make the company more efficient, better at meeting clients wants, and seen as more 

innovative. These results are very similar to what McKinsey & Company found in 2023. 

They stressed that institutions that are early adopters of AI usually do a great job of 

improving these specific areas. The strong forecast value of these factors is also shown in 

the global studies by Jha and Bhattacharya (2021), who discover that the best results for 

banking change come from aligning digital strategies with clients experience goals. So, 

the regression analysis backs up and expands on the association results, making a strong, 
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data-driven case for putting speed, demand response, and innovation at the top of the list 

for future chatbot operations. 

 

4.2.1.8.3 Group Comparisons (T-test) 

Additional inferential research was undertaken to see whether gender affected adoption 

rates. The independent samples t-test showed no statistically significant difference in 

mean chatbot adoption scores between men (mean = 3.93) and females (mean = 4.11), 

with a t-statistic of -0.79 and a p-value of 0.43, considerably beyond the significance 

threshold. 

 

Table 4.18: T-Test Results – Mean Adoption by Gender 

Group Mean Adoption Score t-statistic p-value 

Male 3.93 -0.79 0.43 

Female 4.11   
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Figure 23: T-Test Results – Mean Adoption by Gender 

 

This result suggests that the Namibian Banking Sector use of AI-based chatbots is gender-

neutral. It shows that the bank has a welcoming digital culture that doesn't favour one 

gender over another when it comes to using new financial technologies. These results are 

like those of Jha and Bhattacharya (2021), who also found that there were no major 

changes in how men and women in Africa used digital banking services. On the other 

hand, some studies in other markets have found small gaps between men and women (see 

Li and Li, 2020), but the evidence from Namibia suggests that these don't exist here. This 

is probably since successful campaigns to teach people how to use technology and the fact 

that everyone uses mobile devices. The results support the idea that AI-based clients 

service solutions can be widely used without worrying about unequal gender pushback or 

growth. 
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4.2.1.8.4 Reliability Analysis 

High Cronbach's alpha values of 0.825 for adoption items (Section B), 0.837 for driving 

factors (Section C), and 0.822 for recommendations (Section E) showed scale reliability. 

These findings above the 0.8 criteria for “good” internal consistency, suggesting that this 

study's measuring equipment were trustworthy and suitable. 

 

Table 4.19: Cronbach’s Alpha Values for Survey Sections 

Section Cronbach’s Alpha 

Adoption (B) 0.825 

Drivers (C) 0.837 

Recommendations(E) 0.822 

 

 

Figure 24: Cronbach’s Alpha Values for Survey Sections 
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The reliably high alpha scores across parts show that the questionnaire was well-designed 

and made sense on its own, which supports the truth of the inferential studies and results 

that followed. These measures of reliability are in line with the guidelines set by Accenture 

(2020) and Deloitte (2021), which stress how important it is to use poll tools that have 

been thoroughly tested in research on digital transformation. Additionally, Johnson et al. 

(2020) say that high dependability is necessary to produce useful management insights 

and build trust among stakeholders in study results. The current study goes above and 

beyond these reliable standards, which gives us a solid base for figuring out how uptake, 

causes, and results in chatbot use in the Namibian Banking Sector are related. 

 

4.2.2 Qualitative Analysis 

4.2.2.1 Demographics of the Participants 

 

Understanding this qualitative study's participants' diverse experiences and perspectives 

of the Namibian Banking Sector AI-based chatbot adoption depends on their 

demographics. Senior management, floor personnel, and clients from Khomas, Karas, and 

Oshikoto formed the 15-person sample. To give a comprehensive picture of chatbot 

adoption, the Namibian Banking Sector included workers and clients from a variety of 

jobs and clients experiences, as well as geographical diversity.  

A detailed look at gender distribution shows balance. AI chatbot adoption opinions were 

not influenced by gendered experiences or preferences since the sample included both 

men and women across all categories. This is important since gender affects digital 

adoption and comfort with new technologies (Dawar & Sharma, 2020). Also noticeable 

was the age range of 26–35 to 46–55. The evidence suggests that younger people are more 
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digitally literate and open to technology change, whereas elderly people may be cautious 

or need more help (Jha & Bhattacharya, 2021).  

Three managers from Khomas, Karas, and Oshikoto represented leadership viewpoints. 

Their experiences illuminated AI adoption's strategic goals, training resource allocation, 

and top-down culture support for the implementation. Employees were the biggest internal 

participant group, spread across all three areas and ranging from one year to a decade in 

the Namibian Banking Sector. They revealed daily operational issues and chatbot 

practicality, as well as clients reactions and engagement.  The clients were diversified, 

encompassing both genders and all three areas. They have four to 10 years of working in 

the Namibian Banking Sector thus they both offered old and new client viewpoints. 

Clients used the chatbot to check balances and get mini statements, as well as more 

sophisticated problems where language processing or query escalation were lacking. The 

geographical dispersion was important since internet connection and language preferences 

especially local languages like Oshiwambo and Afrikaans were often cited as variables 

affecting chatbot effectiveness and client happiness (Accenture, 2020; Horzyk, 2020). 
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Figure 25: Demographic Profile 

 

Importantly, the variety of demographics showed minor trends of people who use and 

don't use technology. No matter the area, senior management tended to see the use of 

chatbot as necessary for creativity, cost saves, and staying ahead of the competition. Floor 

workers often had more complex opinions. They liked having less regular work to do, but 

they also pointed out stressful things like having more responsibility for training clients 

or fixing technology problems. Clients, especially older or less tech-savvy people, were 

honest about their worries and stressed the need for international help and easier-to-use 

platforms. These results are in line with what other research has found about AI in 

financial services (Li & Li, 2020).  

 

Also, the amount of time spent in the Namibian Banking Sector had a big effect on how 

open people were to change. Long-term workers were both proud and worried. They were 

proud that the bank was a star in technology, but they were also worried about their job 
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stability and the need to keep learning new skills. Newer employees and younger clients, 

on the other hand, seemed more flexible. They seemed to be able to change quickly and 

even pushed for more advanced features and interaction with popular apps like WhatsApp. 

This relationship between length of service, age, and ability to respond to new technology 

is like what has been seen in other research on digital change (Deloitte, 2021). 

 

4.2.2.2 Summary of the Themes and Sub-Themes 

Thematic analysis of interview data revealed three main themes with sub-themes 

consistent with study aims. First, the AI-based chatbot integration and daily usage, 

perceived gains in service efficiency and accessibility, discovery of persisting restrictions, 

and real influence on employees burden and client experience defined its position in 

Clients Service Management. Second, organisational motivation, stakeholder views of 

utility and usability, practical hurdles including technological integration and language, 

and organisational culture and management support drove uptake. Third, communication 

improvements, employees and client training, advanced features like multilingual support 

and WhatsApp connectivity, and robust monitoring and continuous improvement 

mechanisms were used to increase chatbot adoption. These themes show that while 

Namibian Banking Sector chatbot has improved routine queries, persistent gaps especially 

in linguistic flexibility and complex issue escalation require deliberate, context-specific 

interventions to realise AI-driven clients service's full potential (Udeh et al., 2024). 
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Research Objectives Major Themes Sub-Themes 

To assess the role of AI-based 

Chatbot on Clients Service 

Management at Namibian 

Banking Sector. 

1. The Role of AI-Based 

Chatbot in Clients 

Service Management 

1.1 Integration and 

Usage of the Chatbot in 

Daily Operations 

1.2 Enhancement of 

Service Efficiency and 

Accessibility 

1.3 Limitations and 

Escalation for Complex 

Issues 

1.4 Impact on 

Employees Workload 

and Experience 

To analyse behavioural and 

organisational factors 

influencing the adoption of AI-

based chatbot in Namibia’s 

banking sector. 

2. Factors Driving the 

Adoption of AI-Based 

Chatbot 

2.1 Organisational 

Motivation and 

Strategic Objectives 

2.2 Perceptions of 

Usefulness and Ease of 

Use among 

Stakeholders 

2.3 Barriers and 

Challenges 

Encountered 
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2.4 Organisational 

Culture and 

Management Support 

To develop evidence-based 

strategies to improve chatbot 

adoption and strengthen Client 

Service Management. 

3. Strategies and 

Recommendations to 

Enhance Chatbot 

Adoption 

3.1 Language and 

Communication 

Improvements 

3.2 Training and 

Ongoing Support for 

Employees and Clients 

3.3 Additional 

Functional Features and 

Personalisation 

3.4 Measurement, 

Evaluation, and 

Continuous 

Improvement 

 

4.2.2.3 The Role of AI-Based Chatbot in Clients Service Management at major 

institution in the Namibian Banking Sector 

4.2.2.3.1 Integration and Usage of the Chatbot in Daily Operations 

The AI-based chatbot integration and daily use in the Namibian Banking Sector emerged 

as a major sub-theme in the interviews. Both management and working employees 

stressed how important the chatbot was to daily operations. The data show that the chatbot 

is constantly integrated across multiple service platforms, such as the website, WhatsApp, 
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and the banking app. It helps clients do common things like check their balance, see a 

history of their transactions, and change their password. There was a lot of reliance on the 

chatbot for tracking, reporting, and direct clients interaction, both among senior managers 

and floor workers. One theme that came up a lot in the answers was how the chatbot was 

seen as a normal tool that could be used every day by both clients and workers to help 

them with their work. Reports say that performance reviews happen on the system at the 

start of every workday, and working employees use it all the time to make sure they're 

following the right steps or help clients who are having trouble with technology. Notably, 

people who were interviewed said that even test runs and trials with the chatbot are now 

commonplace to make sure that the service is reliable and up to date, especially before 

busy times. But the data also showed that both employees and clients had adaptable 

learning curves. Familiarity and integration were driven by ongoing use, iterative 

feedback, and regular system changes. 

 

Participant Quotations 

“I use [the chatbot] pretty much every day in my work, especially when we are monitoring 

clients interactions or tracking common queries that come through the system...it’s part 

of our routine now.” (Participant 1) 

“On a daily basis, I interact with the system mostly by reviewing clients interaction 

reports and monitoring how the chatbot is performing during peak hours. My team and I 

also do occasional test runs, just to check the responses and see if there are any hiccups 

in the system.” (Participant 12) 

“I interact with the chatbot pretty much every shift, especially since more of our clients 

are starting to use the online platforms now...I use the chatbot directly maybe a few times 
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a day, but indirectly, it affects a lot of what I do since so many queries start there now.” 

(Participant 4) 

“I use the chatbot quite a lot during my shifts.” It’s sort of become a, uh, daily tool for 

both employees and clients. When clients come in and they’ve already tried to get help 

online, I’ll usually have to check what answers the chatbot gave them, just to, you know, 

avoid repeating things.” (Participant 15) 

“In the mornings, I usually run a few basic queries to make sure it’s responding well 

before the branch gets too busy. Honestly, sometimes it feels like the chatbot is our ‘digital 

colleague’ it’s always working, even after hours, which, uh, is something we laugh about 

with my team.” (Participant 8) 

The preceding stories demonstrate the bank's complete institutionalisation of chatbot 

technology in clients service. Chatbot adoption across roles shows its integration as a 

client-facing tool, employees support tool, and operational analytics backbone. Daily use, 

system inspections, and active troubleshooting demonstrate a proactive adoption attitude 

where technology is integrated into the bank's daily operations. The flexibility of 

managerial and frontline workers suggests good change management and digital 

upskilling. Employees members bridge the technology gap for clients unfamiliar with the 

chatbot, ensuring that integration is client-inclusive and not simply an internal process 

enhancement. Laughter about the chatbot as a “digital colleague” suggests that early 

apprehensions have been addressed by frequent exposure and shown value.  

These empirical results support the research that chatbot integration transforms banking 

operational efficiency (Dawar & Sharma, 2020; Jha & Bhattacharya, 2021). Once 

implanted into numerous communication channels, chatbot automate tedious work and 

improve accessibility, making them vital to employees and clients, according to Dawar 
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and Sharma (2020). Jha and Bhattacharya (2021) further emphasise that AI-powered 

solutions in banking are most effective when they are integrated into everyday 

workstreams and seen as essential by frontline personnel. Johnson, Chuang, and 

Vathoopan (2020) highlight the significance of employees engagement and clients 

assistance in chatbot efficacy and trust. Namibian Banking Sector participant testimonies 

match with scholarly findings, showing that AI-based chatbot are integrated according to 

worldwide trends and theoretical frameworks. In contrast to shallow adoption in the 

literature, Namibian Banking Sector deep and adaptable integration is a best practice. As 

a researcher, I can see that in the Namibian Banking Sector chatbot normalisation is 

supported by a strong feedback loop, ongoing training, and adaptive system management, 

which are crucial for similar institutions seeking meaningful digital transformation. 

 

4.2.2.3.2 Enhancement of Service Efficiency and Accessibility 

According to the interview data, adding the AI-based chatbot has made a big difference 

in how well and how quickly the Namibian Banking Sector can help clients. There were 

regularly shorter wait times for common questions, fewer calls and visits to the branches, 

and much better access to banking services outside of normal office hours, according to 

participants from management to field employees to clients. Several responders said that 

the AI-based chatbot could instantly answer common questions like "what is my 

balance?", "where are the branches?", and "what are the details of my transaction?" 

Several employees members also said that peak-hour traffic, which used to be a big 

problem, has significantly improved. The chatbot widespread use on platforms like 

WhatsApp and the web app has expanded the bank's service hours, letting users solve 

problems and get information late at night or on the weekend. Employees members said 
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that some clients are still upset, especially when the chatbot limits are met, but overall, 

everyone agreed that the chatbot has made things easier and faster, and most people can 

see that. The data also show that workers' workflow has been improved, giving them more 

time to deal with complex clients needs instead of doing the same things repeatedly. These 

changes are especially clear in rural and high-traffic offices, where the chatbot ability to 

respond 24 hours a day, seven days a week has helped manage clients demands and 

operating load. 

 

Participant Quotations 

“Since we launched the chatbot, I’ve seen a marked improvement in our response times 

clients are not waiting as long for answers to basic questions. Our employees are, uh, less 

burdened by repetitive calls, so they can focus on more value-added interactions. One 

specific example: in March this year, during our peak inquiry season, we managed to keep 

up with the high volume without hiring temporary employees, which was, honestly, a big 

relief.” (Participant 1) 

“There has been a reduction in the number of people coming to the branch for simple 

issues, which helps us focus more on complex needs. For example, I remember, before the 

chatbot, we had a long queue every month-end just for balance enquiries and statement 

requests. Now, most clients do that online with the chatbot.” (Participant 2) 

“I’ve noticed a big drop in the number of clients coming into the branch for things like 

balance checks or simple information. Now, more people handle these queries online, 

freeing up our employees for more complicated or high-value services. (Participant 13) 

“Yes, I have noticed some changes there are fewer clients coming in for basic questions 

now. That means we get to spend more time helping with complex things or just giving 
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personal attention, which is nice. I also see less frustration at the counters during busy 

times, since many people sort their issues out with the chatbot before they get here. 

(Participant 6) 

Participants' constant reports show that the chatbot has immediately enhanced efficiency 

and accessibility. Reduced branch and contact centre traffic indicates effective automation 

of low-value, high-frequency questions. This has allowed people to be moved to instances 

needing human experience, optimising resource use and improving complicated 

transaction clients interaction. Importantly, extending financial service availability 

beyond regular working hours fills a persistent clients service vacuum, particularly for 

working clients and distant residents. The results show a virtuous cycle in which 

operational demands decrease, clients pleasure rises, and client and team digital literacy 

increases. The data also show that full accessibility depends on clients' comfort with 

digital platforms and language proficiency, suggesting that continued investment in digital 

inclusion strategies could expand efficiency and accessibility gains.  

Current academic and industry publications emphasise AI-driven chatbot as drivers for 

banking sector operational efficiency and client accessibility (Udeh et al., 2024). Deloitte 

(2021) claims that AI-powered chatbot automate common transactions and questions, 

reducing time to resolution and operational overheads. Participants report decreased peak-

hour stress and enhanced productivity. Dawar and Sharma (2020) found that automating 

routine queries boosts clients satisfaction and frees up agents for higher-value tasks. Udeh 

et al. (2024) argue that 24/7 chatbot availability covers the temporal gap in service 

accessibility, as shown by Namibian Banking Sector clients out-of-hours banking 

demands. However, over-reliance on chatbot without proper escalation processes may 

reduce clients satisfaction for more complicated problems (Johnson et al., 2020), a 
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warning supported by participant displeasure when the chatbot fails to handle nuanced 

concerns. The Namibian Banking Sector example supports the worldwide literature and 

emphasises the need for technical advancement and clients education to enhance 

efficiency and accessibility. The study shows that AI chatbot are essential for 

contemporary banking efficiency, but they must be part of a hybrid service model that 

preserves human knowledge at important touchpoints. 

 

4.2.2.3.3 Limitations and Escalation for Complex Issues 

According to a study of interview data, Namibian Banking Sector AI-based chatbot have 

made it easier to answer regular clients questions, but it falls short when dealing with 

difficult, complicated, or highly charged problems. A lot of people, including 

management, working employees, and clients, kept saying that the chatbot works fine for 

standard, rule-based interactions but doesn't have the freedom and interpretive power to 

deal with problems that aren't organised or have many layers. Limitations that are often 

mentioned are having trouble with subtleties of language, especially when clients use local 

dialects or casual language, and not being able to understand information that is specific 

to a situation beyond its coded reasoning. When clients use the chatbot for things that 

aren't in its normal routine, like disputes, complaints that need to be handled with empathy, 

or questions that need to be answered in a certain order, the system usually responds with 

generic messages, fails to solve the problem, or, at best, sends the case to a human agent. 

Even though this escalation procedure is necessary, it doesn't always work smoothly. 

Employees have reported delays or angry clients when problems need to be sent to the 

call centre. According to these results, the chatbot is better at answering easy questions, 

but it still needs help from a person to solve more complicated banking problems. This 
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shows a problem with the AI technology that the Namibian Banking Sector is using right 

now. 

 

Participant Quotations 

“However, I’ve noticed that for more complex issues or, say, complaints, it sometimes 

frustrates clients since it’s not as flexible as a human. Some, eh, clients get stuck in loops 

if their query doesn’t match the chatbot programmed options. That’s, uh, a clear 

weakness, and sometimes we see negative feedback as a result. (Participant 11) 

“But, uh, it does have weaknesses. When a clients issue is a bit complicated or phrased in 

a way the system doesn’t recognise, it just repeats the same prompts or, at worst, loops 

back to the start. I’ve had a few clients complain, sometimes a little angrily, that the 

chatbot just ‘doesn’t listen’ and then they call the branch anyway.” (Participant 2) 

“The problem comes in when a question is unusual or when the client uses Oshiwambo 

or mixes English and a local dialect the chatbot sometimes gets ‘confused,’ and then the 

clients is frustrated. I’ve seen some clients come in quite annoyed, saying the chatbot 

‘doesn’t understand me.’ So, it’s a big help for efficiency, but it really can’t replace the 

human touch for more personal or complicated issues. (Participant 8) 

“Sometimes, the chatbot gives generic answers that don’t solve the actual problem, so it 

should be better at escalating to a human when needed. Speed can be an issue when the 

network is slow, so maybe a ‘light’ version would help those with poor connections. And 

maybe just a friendlier tone it feels a bit cold right now.” (Participant 5) 

These participant extracts demonstrate numerous interconnected drawbacks of 

contemporary banking AI chatbot. The chatbot cannot understand linguistic variation, 

local dialects, and casual speech, which inhibits it from engaging a broad range of clients, 
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especially those outside metropolitan centres or unfamiliar with internet standards. 

Second, when asked questions beyond its programmed expertise, the chatbot script-based 

architecture gives repetitive, useless replies, raising clients dissatisfaction and diminishing 

user confidence. Third, the escalation mechanism is important, but clients become 

annoyed when handovers are delayed or when they must repeat information to the chatbot. 

Employees interviews show that these constraints affect clients experience and increase 

human agent burden as they handle chatbot-related concerns. The investigation shows that 

although the chatbot has automated many regular tasks, its usefulness is limited by 

existing NLP capabilities and the lack of adaptive, context-aware intelligence.  

Namibian Banking Sector empirical data matches worldwide literature on chatbot 

potential and limits in clients service (Johnson et al., 2020). Jha and Bhattacharya (2021) 

note that AI chatbot excel at rule-based queries but struggle with multi-layered, non-

standardised problems, echoing employees and client frustrations in this study. Jurafsky 

and Martin (2024) attribute such constraints to NLP's still-maturing nature, especially in 

Southern Africa's multilingual and code-switching environments. Johnson et al. (2020) 

warn that unresolved issues and inadequate escalation might damage client trust and 

service impressions. However, Li and Li (2020) found that chatbot may improve clients 

satisfaction if expectations are controlled and escalation mechanisms are well-designed 

and integrated with human service. Namibian Banking Sector data supports these views, 

proving that chatbot should complement human agents rather than replace them. The 

researcher recommends prioritising multilingual NLP, adaptive learning, and frictionless 

escalation in future iterations to address present limits and better serve the bank's broad 

clientele. 
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4.2.2.3.4 Impact on Employees Workload and Clients Experience 

According to the interview data, Namibian Banking Sector use of the AI-based chatbot 

has caused big changes in both the workload of employees and the general experience of 

clients. Employees members from a wide range of regions all agreed that automating basic 

questions like checking balances, finding ATMs, and resetting passwords has made a lot 

of the repeated work that used to be done at the booths and call centres much easier. Since 

this technical change, workers have more time and energy to spend on difficult, important, 

or private contacts with clients that need human care or caution. Notably, the chatbot 

availability 24 hours a day, 7 days a week has expanded clients service beyond normal 

business hours. This makes it easier to meet clients' needs and eases the load on direct 

employees during busy times. Participants said there were fewer in-branch lines and fewer 

calls, which made the workplace easier to handle and less stressful for employees. But 

some employees members are still angry, especially when clients come into the branch 

already angry from unsolved chatbot interactions. Employees have also said that they need 

to keep learning about the chatbot features to help clients who are having technology 

problems. This shows that the skills that direct employees need are constantly changing. 

As for the clients, they were often happy with the quick answers and self-service choices. 

However, they were sometimes unhappy when they had to talk to a real person since 

chatbot have limits. 

 

Participant Quotations 

“Since we launched the chatbot, I’ve seen a marked improvement in our response times 

clients are not waiting as long for answers to basic questions. Our employees are, uh, less 

burdened by repetitive calls, so they can focus on more value-added interactions.” 
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(Participant 10) 

“There has been a reduction in the number of people coming to the branch for simple 

issues, which helps us focus more on complex needs. For example, I remember, before the 

chatbot, we had a long queue every month-end just for balance enquiries and statement 

requests. Now, most clients do that online with the chatbot.” (Participant 12) 

“Our clients satisfaction surveys show an improvement, particularly with digital-savvy 

clients. One specific example: last month during salary payment week, we used to get huge 

queues and long wait times, but now, most people got answers from the chatbot and only 

came in if they really needed to.” (Participant 3) 

“Yes, I have noticed some changes there are fewer clients coming in for basic questions 

now. That means we get to spend more time helping with complex things or just giving 

personal attention, which is nice. I also see less frustration at the counters during busy 

times, since many people sort their issues out with the chatbot before they get here. 

(Participant 6) 

Management and frontline personnel report improved morale and service efficiency after 

the chatbot implementation. Digital transformation initiatives in financial services 

generally want people to shift from transactional to relational service roles by 

redistributing their duties to higher-order client concerns. Reduced transactional load has 

reduced workplace bottlenecks and allowed personnel to treat difficult or upset clients 

more professionally and empathetically. However, employees must learn and use digital 

literacy and troubleshooting abilities to help clients with the chatbot, adding a new 

dimension to employees development. Clients experiences have improved in speed and 

convenience, especially among tech-savvy segments, but the data shows a persistent 

digital divide, with less digitally literate or older clients frustrated, especially when their 
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issues require escalation beyond the chatbot capabilities. The chatbot has improved 

employees efficiency and clients happiness, providing suitable support structures for 

exceptions.  

The results from the Namibian Banking Sector match current studies on AI application in 

banking, which emphasises employees change and clients engagement (Accenture, 2020). 

Dawar and Sharma (2020) also find employees responsibilities shifting from repetitive 

job execution to clients relationship management, supporting this study's employees 

alleviation and concentration on high-value tasks. Employee upskilling and a supportive 

digital culture are necessary for sustained chatbot adoption, according to Deloitte (2021). 

The Namibian Banking Sector personnel also require continuing training. According to 

Accenture (2020), quick, omnichannel help improves clients satisfaction, which the 

Namibian Banking Sector digitally proficient clients report. Chung et al. (2020) cautions 

of possible marginalisation or alienation among clients less familiar with digital channels, 

a concern that arises within the Namibian Banking Sector results where escalation gaps 

remain. This research supports a hybrid service paradigm where chatbot perform regular 

transactions and well-trained professionals provide complicated, relational, and 

sympathetic help. As a researcher, I know that AI-driven efficiency improvements must 

be balanced against inclusion and worker empowerment to maximise employee and client 

results. 
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4.2.2.4 Factors Driving the Adoption of AI-Based Chatbot and Clients Service 

Management 

4.2.2.4.1 Organisational Motivation and Strategic Objectives 

The interview data strongly suggest that Namibian Banking Sector decision to use AI-

based chatbot was driven by a mix of strategic, tactical, and market-driven factors. There 

was clear agreement among management, working employees, and clients that the main 

goals were to improve efficiency and cut costs. Managers said again that call centre and 

branch employees should not have to answer the same questions from clients, like "What's 

my balance?" and "Forgot my password?" This would free up human resources for more 

complicated and higher-order clients needs. Participants said that the large number of low-

value chores that employees used to do caused running costs to rise, happiness to drop, 

and the ability for value-added participation to decrease. Senior management stressed how 

important digital transformation was to the Namibian Banking Sector ability to stay 

competitive. The switch to chatbot technology was directly related to the need to keep up 

with regional and global digital banking trends and meet changing clients expectations, 

especially among tech-savvy groups. Adding the chatbot was explained as part of a larger 

plan to make the Namibian Banking Sector the technology leader. Management pointed 

out that similar solutions had already been used by other banks in South Africa and 

Namibia, making the Namibian Banking Sector more competitive. Cost control, service 

scalability, and keeping a name for innovation became interconnected strategy goals. 

These were supported by an organization's vision that puts modernity and clients 

satisfaction first. 

“Firstly, there was a real need for greater efficiency we were getting overwhelmed with 

repetitive calls and emails, which, uh, drove up costs and affected employees morale. 
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Management also wanted to position the Namibian Banking Sector was marked as an 

innovative, tech-forward bank. Clients demand played a role; we noticed younger clients 

preferred digital channels and quick answers rather than waiting for a call centre agent. 

Cost saving was important too, using a chatbot means we can scale up our support without 

hiring more people. And, honestly, it was also about keeping up with competitors. Other 

banks in Namibia and South Africa were launching chatbot, and we didn’t want to fall 

behind. So, it was, um, a mix of strategic, financial, and clients experience reasons. 

(Participant 9) 

“The main motivation, honestly, was to improve efficiency and keep up with global digital 

banking trends. We saw a clear need to reduce the burden on our employees who were 

getting swamped with repetitive queries. Management also looked at the cost implications 

running large call centres are expensive, especially in smaller regions like Karas where 

employees resources are already stretched. Another factor was clients expectations; more 

people want immediate answers, and digital-first clients, especially the younger ones, 

really expect us to be available online at any time. Plus, it’s about innovation and keeping 

Namibian Banking Sector brand as a leader in banking technology in Namibia. (pauses) 

I think, eh, competitive pressure also played a role, as other banks in the country have 

started offering similar services.” (Participant 2) 

“The main reasons, from what I know, were about boosting efficiency and improving 

clients experience. We want to cut down on the repetitive manual workload for our 

employees, things like balance enquiries take up a lot of time but don’t require expert 

knowledge. Management was also keen on reducing costs, especially on employeesing the 

call centre. Another major motivation was to keep up with changing clients expectations; 

more people want self-service, quick responses, and digital channels. And, um, it was 
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about innovation too the Namibian Banking Sector wants to lead in digital banking in 

Namibia. I’d say clients demand, competition from other banks, and the need to be seen 

as forward-thinking were all part of the push.” (Participant 3) 

“From what management explained, the main reasons were efficiency and innovation. 

They wanted to free employees from handling simple, repetitive questions so we could 

focus on more important clients needs. There’s also a push to keep up with trends other 

banks are moving to digital, so the Namibian Banking Sector does not want to be left 

behind. Savings were mentioned a lot, too; it’s expensive to have people answering the 

same questions all day. Clients also expect to get answers quickly now, especially the 

younger ones they don’t want to call or wait. So, it’s about keeping clients happy, saving 

costs, and showing we’re a modern, digital bank.” (Participant 7) 

“From what we were told, the big push was to make clients service more efficient and to 

cut down the amount of time employees spend on routine queries. There’s also the 

pressure to be modern clients expecting banks to be digital now, especially the younger 

ones. Management also mentioned cost savings less need to hire extra employees or work 

overtime for the same repetitive questions. I think another reason was just to keep up with 

other banks and to show that the Namibian Banking Sector is innovative. Clients are more 

demanding now; they want instant to help any time of day. So, I think it’s a mix of saving 

money, being innovative, and keeping up with what clients want. (Participant 6) 

A comprehensive investigation of these narratives shows that AI-based chatbot are a 

strategic reaction to digital transformation, increased client expectations, and financial 

imperatives in the banking industry. Interview data show that Namibian Banking Sector 

leadership saw automation to save costs and refocus human resources on value-added 

tasks, consistent with worldwide digital banking transformation best practices. All 
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organisational levels, from top management to branch personnel, recognise that 

competitive success increasingly depends on technology distinction and service 

transformation. The focus on scalability, innovation, and clients experience shows that 

chatbot deployment is both a tool for operational efficiency and a strategic asset for long-

term organisational development and relevance. Participants' voices show that these 

incentives are felt every day in employees's altering responsibilities and expectations and 

in clients changing views of digital service channels' speed and convenience.  

Compare these results to the literature. Dawar and Sharma (2020) note that banks are 

under pressure to provide fast, personalised service while controlling costs, making 

efficiency, cost reduction, and competitive positioning significant drivers of AI adoption. 

Global banks are using chatbot as part of digitalisation plans to reduce operating costs and 

improve client interaction, according to Deloitte (2021). Accenture (2020) claims that 

such innovation is vital to maintain market leadership and meet client demands for self-

service and digital connection. According to Jha and Bhattacharya (2021), AI chatbot help 

banks scale and standardise processes, a notion repeated in the Namibian Banking Sector 

interviews. However, the Namibian setting emphasises local competitiveness, regional 

linguistic variety, and infrastructure realities, which may bring distinct strategic issues not 

found in the global literature. These data show that Namibian Banking Sector chatbot 

adoption incentives match industry trends and organisational and market realities. This 

study shows that effective digital transformation in banking needs technology deployment 

to coincide with clear, multidimensional strategic goals founded in local context and 

global best practice. 
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4.2.2.3.2 Perceptions of Usefulness and Ease of Use among Stakeholders 

Interviews with Namibian Banking Sector employees and clients show that they have 

mixed but mostly good feelings about the AI-based chatbot value and ease of use. Younger 

employees and clients who are good with technology tend to find the chatbot very useful. 

They like how it can simplify regular questions and provide instant, 24/7 help. Many 

service workers said they had less stress and less work to do since the chatbot took over 

routine tasks like checking balances, resetting passwords, and asking for simple account 

information. Management agreed and said that employees happiness went up since they 

could focus on more important tasks, but at first there was doubt about job security and 

the quality of training. Younger users liked how quick and easy the chatbot was to use, 

and they did a lot of small banking jobs with it. But users who weren't as good with 

technology often older clients had trouble with the system since they had trouble 

navigating it and weren't used to digital banking tools. Both groups talked about how 

frustrating it was when the chatbot couldn't understand mixed-language queries or when 

questions didn't follow the expected style, which could lead to repeated or useless answers. 

Even with these problems, most of the people who took part agreed that, with time and 

the right help, adaptation rates got better for both employees and users. 

“Ah, perceptions are, um, mixed but mostly positive. Employees especially those on the 

frontline appreciate the chatbot for taking over tedious tasks. They say it’s made their 

work less stressful. There was, at first, some scepticism and even fear that, uh, maybe the 

chatbot would replace jobs, but with time, they saw it as a support tool. Clients, especially 

younger ones, have given us good feedback about the speed and convenience. However, 

some older clients, eh, struggle a bit, saying the chatbot language or, um, menu navigation 

is not always clear. I do get feedback about misunderstandings when queries are phrased 
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in non-standard ways. But generally, after some training and, eh, usage tips, both 

employees and clients are adapting.” (Participant 1) 

“Perceptions, I’d say, are mostly positive but not without some hesitation. Employees, 

especially the younger employees, appreciate that the chatbot takes over the routine tasks 

so they can concentrate on more complex clients issues. Some senior employees were, uh, 

a bit worried at first, thinking the system might replace jobs, but over time they’ve come 

to see it as more of a support tool. Clients are a mixed bag: younger, tech-savvy clients 

love it for the convenience and speed, but older clients, or those less comfortable with 

digital devices, sometimes struggle. There have been complaints about the chatbot not 

always understanding Afrikaans or Nama words, which is a challenge in Karas. But, after 

a little training and a few demonstration sessions, most people seem to warm up to it.” 

(Participant 12) 

“Employees generally have a positive view, especially now that the initial fear of ‘being 

replaced’ has faded. They appreciate having fewer repetitive tasks and more time for 

complicated cases. But some of the older employees are still, eh, getting used to the system 

and sometimes need extra support. Clients are mixed young people and those already 

using online banking love the convenience, but older clients, or those not so comfortable 

with smartphones, sometimes get stuck. The feedback I get most is about the chatbot 

‘robotic’ replies some clients want a more human touch, especially when they have 

personal or sensitive issues. Overall, with more awareness and a few training sessions, I 

think both groups are adjusting.” (Participant 3) 

“I’d say it’s mixed. For employees, a lot of us like that the chatbot deals with the ‘boring’ 

stuff so we can help clients with real issues. However, some employees worry about what 

it means for job security, you know? Clients well, the younger ones love it, especially if 
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they don’t want to wait. Older clients, or those not used to smartphones, find it tricky or 

even a bit, eh, intimidating. Some people get annoyed when the chatbot can’t understand 

their question or doesn’t pick up on local language. We do our best to help them, but 

there’s still a gap in how comfortable everyone feels.” (Participant 5) 

Further data shows that digital literacy, age, and internet banking experience substantially 

influence impressions. Employees and clients that routinely utilise digital technology are 

happier and more adaptable, supporting digital transformation literature that emphasises 

user education and assistance in technology adoption. While the chatbot 24/7 availability 

and fast reaction times are lauded, language variety and user preferences are often ignored, 

causing frustration. Many participants reported incremental improvements after training 

and interface modifications, suggesting the feedback loop between user irritation and 

technological development is somewhat successful. However, difficulties among older or 

less technologically proficient clients show inclusion remains a difficulty. Continuous 

employees and clients training is crucial to enhancing perceptions and adoption results.  

International study consistently finds demographics, digital confidence, and perceived 

usefulness as key chatbot integration criteria. Johnson, Chuang, and Vathoopan (2020) 

observe that simplicity of use and perceived efficiency increase client trust and loyalty 

towards chatbot, while poor experiences often owing to language constraints or perceived 

“robotic” behavior can decrease user confidence. Personalisation and user-centric design 

are essential for client engagement, especially across varied user bases, according to Li & 

Li (2020). Dawar and Sharma (2020) note that early AI deployments sometimes raise job 

security worries, but these fears fade when workers see tangible advantages like workload 

reduction. PwC (2021) also shows that digital literacy moderates user happiness in digital 

banking settings, confirming Namibian Banking Sector mixed but increasing assessments. 
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Thus, the Namibian Banking Sector results corroborate current research and emphasise 

the necessity for targeted help and continual modification to overcome user experience 

gaps. Evidence suggests that a comprehensive, user-sensitive strategy is needed to 

successfully integrate AI-based chatbot into banking clients care. 

 

4.2.2.3.3 Barriers and Challenges Encountered During Implementation 

By looking at the interview data, we can see that the Namibian Banking Sector use of the 

AI-based chatbot was met with several execution problems and ongoing issues. 

Management and frontline employees both said that technical integration was one of the 

biggest problems. Trying to connect the chatbot seamlessly with core banking systems 

caused some problems at first, like transaction histories that didn't match, data sync 

failures, and short periods of downtime, especially during busy times. Language barriers 

became a big problem; both employees and clients pointed out that the chatbot couldn't 

handle Afrikaans, Oshiwambo, and other local languages well. This problem was 

especially bad in country branches, where people speak their own languages and are less 

likely to know how to use technology. Problems with connectivity made use even less 

effective. For example, clients were frustrated by frequent pauses and unstable internet 

access in remote areas. There was clear pushback to change in the organisation, especially 

among top workers and those who weren't very good with technology. Many of these 

people felt threatened by the arrival of AI and were worried about their job security. 

Clients also had a hard time getting used to the new system, especially older people who 

found digital screens scary or had trouble navigating. There were many worries about 

privacy, especially when it came to giving private banking information to a computer. 

Some of these problems were fixed over time with focused training and small system 
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changes, but problems with language and infrastructure still made the adoption less 

successful overall. 

“Oh, there were quite a few challenges, especially in the early months. The biggest was 

probably technical integration linking the chatbot to our existing systems wasn’t as 

smooth as we hoped. Sometimes, clients data wouldn’t sync, and there were glitches with 

transaction histories. Organisationally, we had to do a lot of change management some 

employees felt threatened, and there was resistance to learning the new system. We, uh, 

also underestimated the amount of training needed for both employees and clients. And 

(pauses) user-related issues cropped up many clients would try to ask questions in 

Afrikaans or local dialects, and the chatbot would get confused. That led to some 

embarrassing situations, to be honest. But, um, we’ve gradually ironed out most of these 

problems.” (Participant 7) 

“Oh, there were quite a few bumps along the way! (laughs) The first major barrier was 

integrating the chatbot with our existing core banking systems there were a lot of technical 

glitches, like lost connections and data mismatches. Another big challenge was language: 

many clients here in Karas prefer speaking Afrikaans or their local language, and the 

chatbot really struggled at first. We also had some resistance from both employees and 

clients, with people feeling unsure or even suspicious about using ‘artificial intelligence’ 

for banking. There was, eh, also the issue of poor network coverage in some rural parts 

of the region, which made digital channels unreliable. Overall, it took a lot of patience 

and communication to get everyone onboard.” (Participant 2) 

“Yes, there were a few notable challenges. Technically, integrating the chatbot with our 

main banking systems took longer than expected, and there were bugs with data updates 

not syncing right away. On the human side, there was resistance to change some 
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employees worried about job security and some clients mistrusted the technology at first. 

Language was, and still is, an issue, since many of our clients speak Oshiwambo or other 

local languages, and the chatbot doesn’t always recognise these. Also, uh, in rural parts 

of Oshikoto, internet connectivity can be patchy, so clients sometimes struggle to access 

digital channels. We are working on all these things, but it’s a slow process.” (Participant 

3) 

“There were a few challenges, yes! The first week, the chatbot had some technical issues 

like freezing or giving the wrong info. It was also too formal, so clients who spoke in slang 

or mixed languages would get confusing responses. Some employees needed extra training 

to understand how to troubleshoot the system, and a few weren’t comfortable with the new 

tech at all. A lot of clients were wary about privacy some didn’t want to give their info to 

a ‘robot.’ And sometimes, the internet connection in the branch or for clients isn’t strong 

enough, so the chatbot doesn’t work properly. It’s better now, but those early days were 

stressful!” (Participant 5) 

A closer analysis shows that technological, linguistic, and socio-cultural obstacles 

reinforced each other. Technical integration difficulties and internet instability caused 

operational inefficiencies and increased user cynicism, which increased employees and 

client resistance to change. In multilingual countries, the chatbot incapacity to understand 

local languages reduced its perceived usefulness and increased digital isolation. Despite 

organisational reassurances, privacy and trust worries remained, echoing larger concerns 

about AI handling sensitive personal data. Employees and clients training helped minimise 

some friction, but participants repeatedly noted that more resources, better 

communication, and continued technological improvements were required to effectively 
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overcome these hurdles. The interviews also show that although the system is changing, 

infrastructural and socio-linguistic issues still prevent equal and broad implementation.  

Namibian Banking Sector experiences match worldwide trends in banking AI chatbot 

adoption, where integration difficulty, language restrictions, and user reluctance are 

recognised obstacles (Jha & Bhattacharya, 2021; Udeh et al., 2024). Jha and Bhattacharya 

(2021) note that smooth technological integration and linguistic adaptation are often 

overlooked in AI design. Udeh et al. (2024) recommend system modifications and open 

communication to promote digital inclusion and trust. To accommodate various user bases 

in growing markets, Jurafsky and Martin (2024) emphasise multilingual natural language 

processing. In places with unpredictable connection, Deloitte (2021) recommends 

infrastructure investment and user training to reduce adoption hurdles. In conclusion, 

Namibian Banking Sector findings support the idea that technological, linguistic, and 

human variables are interconnected, necessitating a holistic, adaptable approach to AI-

based clients service innovation. 

 

4.2.2.3.4 Role of Organisational Culture and Management Support 

The interview records show that the organization's mindset and the backing of 

management were key factors in the Namibian Banking Sector successful adoption of the 

AI-based chatbot. Employees at all levels of the organisation repeatedly said that the 

merger process was built on a culture of open communication, desire to try new things, 

and creative problem-solving. Senior management's dedication to going digital wasn't just 

words; it was backed up by real investments in training, ways for everyone to give 

feedback, and active participation in change management projects. 
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A feeling of shared purpose was created through regular classes, open Q&A meetings, 

and management participation in training activities. This made people less anxious about 

technological change. Employees said that the fact that management was willing to listen 

and react to concerns, sometimes directly through top leaders, built trust and made people 

more likely to try new things without worrying about getting in trouble. The willingness 

to work together, especially between branches, made the change even easier. Employees 

who weren't as tech-savvy were able to adjust more easily with the help of peer support 

and team-based fixing. This encouraging environment showed in meetings with clients. 

Branch employees were given the power to be digital champions, helping clients who 

were nervous about the new technology and reassuring them. In general, it took strategic 

leadership, open feedback loops, and an open, creative corporate culture to get past the 

initial pushback and integrate the chatbot into regular Clients Service Management. 

“I think, eh, the organisational culture and management support were critical. From the 

top, there was a clear message that digital transformation was our priority, so, you know, 

we felt empowered to experiment and take risks. Management invested in training and 

gave us time to adapt, which made a huge difference. For example, we had regular 

workshops where even senior leaders would attend and, uh, share their own experiences, 

good and bad. There was openness to feedback sometimes I’d email a concern and, 

surprisingly, get a reply from our director. (laughs) That helped create a sense of shared 

purpose, so the chatbot wasn’t just ‘IT’s project’ it belonged to everyone. This culture 

made adoption smoother.” (Participant 1) 

“I think the organisational culture in the Namibian Banking Sector has been, honestly, a 

huge asset in this process. Management didn’t just, you know, impose the chatbot on us, 

they involved employees from early on and held feedback sessions where everyone could 
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ask questions and even voice concerns. Our culture here is quite open and encourages 

innovation, so we felt safe to experiment and, eh, make mistakes without fear of being 

punished. Management’s willingness to invest in employees training, and to listen when 

things went wrong, made it much easier to adapt. I remember our branch manager hosting 

informal Q&A sessions during lunch breaks just to talk through new features or 

frustrations. That sort of support really matters, especially for a big change like this.” 

(Participant 2) 

“I think the support from management has been a key reason for the relatively smooth 

rollout. There was clear communication from the start, and management was, eh, very 

proactive in involving employees at all levels, explaining the benefits, listening to 

concerns, and providing extra training where needed. Our culture in the Namibian 

Banking Sector is open to new ideas, so employees feel encouraged to speak up if they see 

problems. I remember, for example, our manager arranged informal ‘Q&A’ sessions over 

lunch, where anyone could ask anything, even silly questions. (laughs) This openness 

helped to reduce anxiety and get buy-in. I think without that support, adoption would have 

been much, much harder.” (Participant 13) 

“Management support has made a real difference, honestly. They didn’t just throw the 

chatbot at us and leave we have training sessions, open meetings, and even some fun 

competitions for learning how to use it. Our branch is big on teamwork, so people helped 

each other out a lot. (smiles) There was encouragement to ask questions or even complain 

if something wasn’t working. That made employees more comfortable trying the new 

system and less worried about making mistakes. I think that positive attitude helped us 

accept the chatbot and see it as a tool, not a threat.” (Participant 15) 
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A comprehensive study of these passages shows that transformative leadership and a 

collaborative organisational culture may reduce technological disruption. The statistics 

show that direct leadership participation and inclusive training and feedback increased 

employees buy-in. Since the willingness to tolerate errors, ease worries, and give 

consistent support, workers felt ownership over the chatbot project. Employees felt more 

comfortable advising clients via chatbot use and troubleshooting. The spread of digital 

skills throughout the workforce was expedited by peer learning and informal information 

sharing, reducing the gap between digital natives and non-digitals. Management's 

emphasis on active engagement and feedback bridged the gap between technology vision 

and operational reality, making the chatbot effort a shared journey towards innovation 

rather than a top-down imposition.  

The experiences in the Namibian Banking Sector match scientific findings on how 

organisational culture and leadership affect digital banking transition. Johnson, Chuang, 

and Vathoopan (2020) emphasise participatory change management and the necessity of 

employee participation and management support for chatbot integration. Jha and 

Bhattacharya (2021) recommend continual training, honest communication, and 

leadership visibility to overcome AI adoption reluctance. Accenture (2020) underlines that 

top leadership must clearly support experimentation and open feedback for financial 

innovation to succeed. Udeh et al. (2024) note that AI-driven clients service technologies 

must be supported by management, notably in the form of skills development and 

employees appreciation. These results support the Namibian Banking Sector experience 

and demonstrate the importance of culture and leadership in bridging technology promise 

and organisational preparedness. The Namibian Banking Sector chatbot initiative's 

success shows the potential of inclusive, imaginative, and supportive management. 
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4.2.2.5 Strategies and Recommendations to Enhance Chatbot Adoption and Improve 

Clients Service Management 

4.2.2.5.1 Language and Communication Improvements 

The interview data clearly shows that chatbot problems understanding language are a big 

reason why users are unhappy, especially clients and employees who work in areas with 

a lot of different languages. A lot of people who took part said that service often broke 

down since the chatbot couldn't understand Afrikaans, Oshiwambo, Nama, and casual 

Namibian slang. The present system only works with "proper" or formal English, which 

leaves out a lot of the Namibian Banking Sector clients and leads to anger, repeated 

questions, and calls to human workers who aren't needed. This strict language not only 

makes the system seem less smart, but it also hurts clients trust and makes it harder to use, 

especially for older clients and people who live in rural areas. Employees talked again 

about times when clients got angry or bored since their normal way of talking wasn't 

understood. For this reason, it is very important for service fairness and inclusion that 

chatbot can understand people from a variety of language backgrounds and use casual 

speech patterns. 

“Our clients use a mix of English, Afrikaans, Oshiwambo, and sometimes even informal 

slang. The chatbot needs to, eh, better understand these variations, or at least route 

queries to human agents quicker when it gets confused. (Participant 1) 

“Many clients here in Karas prefer speaking Afrikaans or their local language, and the 

chatbot really struggled at first.” (Participant 2) 

“If a clients uses Oshiwambo or other local languages, the chatbot doesn’t always 

recognise these.” (Participant 3) 

“It was also too formal, so clients who spoke in slang or mixed languages would get 
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confusing responses.” (Participant 5) 

“The biggest problem is the language the chatbot struggles with Oshiwambo and when 

people switch between English and local words.” (Participant 9) 

These snippets show a persistent worry that the chatbot local language and informal 

communication constraints hinder its efficacy. Data show that clients are more frustrated 

when the system replies with generic or useless responses owing to unrecognised input. 

Some participants said the chatbot should easily escalate to a human agent when presented 

with foreign terminology instead than repeating itself, which is robotic and contemptuous. 

Employees also said they typically "translate" chatbot instructions into simpler or more 

local words. Employees and clients want the chatbot to represent Namibia's broad 

language terrain to avoid client exclusion and miscommunication.  

The difficulty of language and communication inclusion is identified globally in AI-driven 

clients service research. To be accessible, Jurafsky and Martin (2024) suggest that natural 

language processing (NLP) systems should support local dialects, code-switching, and 

casual speech. Udeh et al. (2024) found that multilingual chatbot improve client 

engagement and happiness in African banking, particularly when they can manage 

informal or mixed-language questions. Accenture (2020) confirms that digital banking 

innovation works best when communication tools match client language. Technical, 

resource, and data issues commonly delay adoption, particularly in underdeveloped areas, 

according to PwC (2021). Compared to this research, Namibian Banking Sector results 

clearly support linguistic adaptation, but the ongoing gaps in practice suggest a need for 

purposeful investment in multi-language and dialectal NLP skills. This study argues that 

Namibian Banking Sector digital transformation should promote language inclusiveness 
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to improve user experience and provide equal access, which the researcher endorses given 

Namibia's cultural and linguistic variety. 

 

4.2.2.5.2 Training and Ongoing Support for Employees and Clients 

The interview data shows that both employees and clients think that ongoing, hands-on 

training is an important part of adopting chatbot successfully. Many of the participants 

said that the original training classes were helpful, but that continuing, hands-on learning 

chances are even more important, especially since the chatbot system is constantly being 

updated and its features are changing. The employees stressed how important it was to 

have classes with real-life examples, short video lessons, written guides for quick 

reference, and "digital champions" or spokespeople in each branch. These kinds of help 

give employees the tools they need to not only solve their own problems but also help 

clients. The numbers also show the digital divide: older clients and people who aren't as 

good with technology need specific help, like live demos in branches, step-by-step guides 

in their own languages, and careful one-on-one help. Clients kept saying that clear, easy-

to-find help, both digital and human, would ease worries and make it easier for more 

people to accept it. 

“Employees need, um, hands-on workshops where they can practice typical scenarios and 

troubleshoot common problems. We should also have digital manuals or video tutorials 

these work better than long documents, in my experience.” (Participant 1) 

“Training is crucial, for both employees and clients. For employees, I think ongoing 

workshops and practical demos would be best, not just theory. (Participant 12) 

“Continuous training is key, both for employees and clients. For employees, I’d say 

regular workshops, with real-life scenarios and time to practice, work best.” (Participant 
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3) 

“Regular refresher training, not just one when the system is new. Hands-on sessions are 

best, where we can practice real cases and share tips. (Participant 5) 

“Short videos in Oshiwambo would be fantastic, maybe even some live demos at the 

branch for older clients or those new to technology.” (Participant 15) 

The replies agree that training must be continual, adaptable, and context specific. 

Employees enjoyed sharing suggestions and supporting one other, while clients welcomed 

interventions tailored to their needs and digital literacy. Digital ambassadors or 

“champions” bridged technology with the community, giving comfort and fast support. 

Training and support should adapt to changing user needs and system changes, not be 

“one-size-fits-all”.  

Scholarly literature emphasises the need for ongoing banking digital innovation capacity-

building. According to Jha and Bhattacharya (2021), AI adoption in banking involves 

initial upskilling and continuing, interactive education for employees and clients. Deloitte 

(2021) adds that clients engagement initiatives that include digital financial literacy 

programs boost adoption and eliminate digital exclusion. According to Chung et al. 

(2020), “digital champions” help late adopters and reluctant clients gain confidence and 

trust. Namibian Banking Sector experience supports the idea that effective chatbot 

adoption requires continual, comprehensive training and tailored assistance. The 

researcher believes adaptive, multi-modal training is essential to ethical, inclusive digital 

change in varied settings like Namibia. 
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4.2.2.5.3 Additional Functional Features and Personalisation 

The interview data show that users consistently want the chatbot to have more features 

and be able to adapt to their needs. Employees and clients really wanted the chatbot to be 

able to do more, like securely uploading documents (for KYC and compliance reasons), 

sending personalised reminders (for things like bills, statement dates, and birthdays), and 

converting voice to text for people who have trouble reading or typing. Another important 

hope is that the chatbot will be able to "remember" earlier conversations, which will allow 

for continuation and more personalised welcomes or suggestions. It was also emphasised 

that the chatbot should be able to connect to popular platforms like WhatsApp. This would 

make it easier for clients to use and lessen any problems that might come up. Participants 

said that these changes would make the chatbot more than just an answer to frequently 

asked questions (FAQ) tool. They said it would become a valuable, proactive digital 

helper. 

“Integration with our mobile banking app would be great so clients can switch between 

channels seamlessly. Also, it would be useful if the chatbot could send alerts or reminders 

for bill payments or important dates.” (Participant 1) 

“It would also be fantastic if it could help with more complex things, like submitting 

documentation for loans or updating personal information securely. Voice command 

integration would be a real game changer for those who struggle with typing, especially 

older clients. (Participant 2) 

“If the chatbot could handle document uploads securely, so clients could send things like 

proof of address directly. A voice input option would be a game-changer for people who 

struggle with typing.” (Participant 3) 
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“Having a voice option, so people can speak their question instead of typing, would be 

great for some of our clients. Oh, and if it could remember past interactions, it would feel 

more personal.” (Participant 4) 

“It would be very helpful if the chatbot could send reminders for loan payments or new 

statements. Also, if it could let me upload documents like proof of address or ID that would 

save me from going to the branch.” (Participant 15) 

A comprehensive study of these remarks shows an increasing expectation that digital 

clients support solutions adapt with clients' lifestyles and requirements. Document upload 

and customisation are convenient, necessary for distant account service, regulatory 

compliance, and clients empowerment. Personal reminders and conversation recall boost 

engagement and pleasure, minimising the feeling of using an impersonal computer. Voice-

to-text and multi-platform integration improve accessibility, especially for disabled users 

and fans of popular messaging applications. The need for such functionalities shows that 

Namibian Banking Sector chatbot must evolve from a “first-generation” tool to a dynamic, 

multi-functional service channel to stay relevant.  

Banking chatbot literature emphasises feature-rich, personalised digital assistants. In AI-

powered banking, customisation, particularly reminders and targeted communication, 

drives client loyalty, according to Li and Li (2020). Horzyk (2020) finds that WhatsApp 

integration boosts chatbot engagement and use. Johnson et al. (2020) stress that chatbot 

"memory" functions recalling user history improve user pleasure and intelligence. The 

Namibian Banking Sector statistics support the need for innovative, user-centric services, 

but resource and technological restrictions prevent many African banks from 

implementing them. The researcher believes user-driven innovations are necessary to go 



104 

beyond cosmetic digital transformation to empowered, accessible, and personalised 

banking. 

 

4.2.2.5.4 Measurement, Evaluation, and Continuous Improvement 

Looking at the interview data shows that both employees and clients have a good idea of 

how important it is to keep testing and improving the chatbot system. Participants pushed 

for a mix of measurable measures (like the number of successful automatic fixes, response 

times, fewer calls, and escalation rates) and qualitative feedback (like focus groups and 

user happiness questionnaires). Many also stressed the importance of comparing service 

levels before chatbot and success with other banks. Importantly, many of the people we 

talked to said that real-time feedback loops, like short polls after a chat, would give us 

useful information and let us make improvements quickly and repeatedly. People think 

that constant tracking will not only lead to better technology, but it will also encourage 

responsibility, openness, and trust among clients. 

“Obvious metrics like the number of queries resolved by the chatbot, average response 

time, and reduction in call centre load are important. But we also need to regularly collect 

clients feedback through surveys ask them directly how they feel about the chatbot 

experience.” (Participant 11) 

“Metrics like number of queries resolved, response times, and reduction in call volume 

are, of course, important. But it’s also vital to collect feedback through short surveys after 

each interaction, so we know what clients think. (Participant 2) 

“We should use a mix of hard data and clients feedback. Metrics like number of successful 

interactions, average resolution time, and reduction in manual workloads are all useful. 

But, just as important, we need to get direct feedback through short post-chat surveys and 
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maybe focus group discussions every few months.” (Participant 3) 

“Collecting feedback, maybe a short survey after chatbot use would help us see what’s 

working and what needs fixing. Comparing call volumes and in-branch visits before and 

after the chatbot launched can also show its impact.” (Participant 5) 

“They should look at how many questions the chatbot answers without needing a human, 

how fast it responds, and how many clients end up asking to speak to a real person. Getting 

feedback from clients, maybe a quick survey after they use the chatbot, would show if 

people are happy or frustrated.” (Participant 6) 

These comments show that process and result assessment are important, with a preference 

for measurements that incorporate user experience and satisfaction beyond system 

performance. The results show that service quality is not static and that transparent 

measurement-based continual improvement is essential to digital transformation. 

Participants also valued benchmarking and peer comparison as motivators for excellence 

and tools for keeping up with regional and global best practice.  

These objectives are supported by academic and industry literature. According to Dawar 

and Sharma (2020), AI-driven service technologies only provide sustained value when 

businesses implement strong feedback systems and agile, data-driven improvement 

cycles. Johnson et al. (2020) found that post-interaction surveys and user suggestion 

soliciting increase client trust and chatbot utilisation. Digital innovation in banking 

requires benchmarking against internal pre-implementation baselines and external rivals, 

according to Deloitte (2021). These ideas align with the Namibian Banking Sector 

experiences, showing that a culture of measurement and continual learning is necessary 

to sustain and improve AI-based clients support solutions. The study claims that an 

evaluative mindset is essential for long-term digital service quality. 
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4.3 Conclusion 

The research shows that the Namibian Banking Sector use of AI-based chatbot is 

completely changing the way clients service is managed. Based on detailed qualitative 

data from 15 interviews and quantitative responses from 36 participants, the results show 

that chatbot are seen as very important for streamlining routine interactions with clients, 

reducing operational bottlenecks, and making service delivery more accessible and 

efficient. Using both qualitative and quantitative data together shows that even though 

automation has made life easier for field workers and made clients happier with basic 

services, the change has not been easy. 

Concerns raised in previous research (Udeh et al., 2024) were echoed by the fact that 

language hurdles, technology merging problems, and resistance to change among some 

parties remained. 

The theme summary also shows that strong training programs, help from management, 

and an openness to new ideas within the company are all important for chatbot to be used 

successfully. The results also show how important it is to make sure that AI solutions are 

tailored to local needs, especially by offering support for multiple languages, making user 

interfaces easier to use, and making it easy to get in touch with human workers. In line 

with best practices for digital financial services (Li & Li, 2020), many of the participants 

called for ongoing feedback loops, regular system updates, and the addition of individual 

features like the ability to share documents and set alerts. This is supported by quantitative 

data that shows high levels of acceptance among younger, tech-savvy users and lower 

levels of uptake and happiness among older clients who are less digitally informed.  With 

this chapter's help, you now have a better understanding of both the pros and cons of the 

Namibian Banking Sector plans to digitise their clients service. The combination of 
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interview stories and survey results shows that AI-based chatbot have a lot of potential to 

improve clients satisfaction and banking innovation. However, for them to be truly 

successful in the long term, they will need to be managed in a way that adapts to their 

users' needs and constantly learn new skills. Since these results, the next part will give 

specific suggestions and a plan for Namibia's banking sector to become more digital in a 

way that benefits everyone. 
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CHAPTER 5 SUMMARY, CONCLUSIONS AND RECOMMENDATIONS 

 

5.1 Introduction 

This final chapter synthesises the study’s principal findings and situates them within the 

broader scholarly and practical debates on AI-enabled clients service in banking. The 

study investigated the adoption of AI-based chatbot in Clients Service Management within 

the Namibian banking environment using a mixed-methods case study of the Namibian 

Banking Sector. Empirical evidence consisted of thematic, qualitative data from 15 semi-

structured interviews and quantitative data from 36 completed questionnaires. Chapter 

Four established that chatbot are widely used and generally well regarded for accessibility, 

response speed, and routine-query handling, while concerns persist regarding complex-

query handling, multilingual capability, and data security. The present chapter discusses 

these findings in relation to extant theory and empirical work, draws conclusions that 

address the research objectives and hypotheses, outlines the study’s implications for 

practice and policy, sets out concrete recommendations, and proposes avenues for further 

research. 

 

5.2 Discussion 

The study’s findings converge with existing literature that frames AI chatbot as catalysts 

for operational efficiency and expanded access while simultaneously exposing limitations 

in nuance, trust, and inclusion. Empirically, high mean scores for accessibility, ease of 

use, and response speed indicate that users experience direct service benefits; these 

outcomes align with prior work showing that automation reduces routine workload and 
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shortens time-to-response in banking services (Dawar & Sharma, 2020; Jha & 

Bhattacharya, 2021). The qualitative data provided contextual depth: managers 

emphasised strategic motivations (efficiency, scalability, competitive positioning), 

frontline employees reported reallocation of time from repetitive tasks to higher-value 

interactions, and clients described faster, more convenient ways to manage simple 

transactions. Together these results substantiate the hypothesis that AI chatbot contribute 

positively to clients satisfaction and operational efficiency when deployed as part of a 

hybrid human–machine service model. 

At the same time, the research highlights several recurring constraints. First, the chatbot 

lower mean on effectiveness for complex queries and recurring interview reports of 

escalation delays indicate limitations in natural-language understanding and contextual 

reasoning. This supports broader observations that rule-based or early-generation NLP 

systems struggle with multi-step, ambiguous, or emotionally charged interactions, 

necessitating robust escalation pathways (Johnson et al., 2020; Jurafsky & Martin, 2024). 

Second, concerns about data privacy and security expressed qualitatively and reflected 

quantitatively underscore the centrality of trust in technology acceptance models (Davis, 

1989; Venkatesh et al., 2003). While technical performance affects perceived usefulness, 

perceived risk and trustworthiness remain decisive for continued adoption. Third, the 

multilingual and code-switching environment of Namibia emerged as a salient contextual 

factor: participants repeatedly emphasised the need for local-language support (e.g., 

Oshiwambo, Afrikaans), which is consistent with literature stressing contextualised AI 

solutions in multilingual societies (Udeh et al., 2024). 
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The study’s drivers of adoption efficiency, innovation, and clients demand map neatly 

onto classical diffusion and acceptance theories. Rogers’s diffusion of innovation 

constructs (relative advantage, compatibility, complexity) help explain rapid uptake where 

chatbot clearly demonstrated relative advantage (speed, availability) and compatibility 

with clients’ digital behaviour, particularly among younger cohorts (Rogers, 2003). 

Similarly, Technology Acceptance Model (TAM) variables (perceived usefulness and 

perceived ease of use) explain respondents’ favourable attitudes; however, the emergence 

of trust and privacy concerns suggests that extensions to TAM (for example, inclusion of 

perceived risk and facilitating conditions) or the Unified Theory of Acceptance and Use 

of Technology (UTAUT) framework may offer greater explanatory power in this context 

(Venkatesh et al., 2003). 

Notably, cost-saving as a driver was less salient in user perceptions than organisational 

decision-makers expected. This divergence indicates that while institutions may prioritise 

cost-efficiency, end users primarily evaluate the technology in terms of convenience and 

reliability. Such a mismatch implies that internal business cases for chatbot deployment 

must be complemented by external communications that make the user-level value 

propositions explicit. Finally, the observed gender neutrality in adoption and a reasonably 

broad age distribution suggest that, in the sampled setting, digital banking adoption has 

moved beyond narrow demographic boundaries conditional on inclusive design and 

adequate user support (World Bank, 2020; Adams et al., 2024). 
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5.3 Conclusions 

The study’s conclusions address the research objectives directly. First, AI-based chatbot 

play a demonstrable and beneficial role in Clients Service Management within the studied 

Namibian context: they increase accessibility, reduce routine demand on human agents, 

and improve response speed for common enquiries. These outcomes affirm the hypothesis 

that chatbot enhance clients satisfaction and operational efficiency relative to traditional 

methods, albeit with qualified scope. Second, the primary factors driving adoption are 

organisational efficiency goals, a pursuit of innovation, and clear clients demand for rapid, 

digital channels; management support and institutional strategy are necessary but not 

sufficient conditions. Third, barriers to full adoption and effectiveness include limited 

NLP performance for complex and multilingual interactions, perceived data-security 

risks, occasional inaccuracies, and imperfect escalation workflows. Fourth, practical 

interventions that respondents prioritised enhanced data security, multilingual support, 

simplified user interfaces, real-time human support, and targeted training are supported 

by both quantitative consensus and qualitative rationale and therefore represent priority 

levers for improved adoption and sustained use. 

Taken together, the evidence supports a cautious, pragmatic conclusion: AI chatbot are 

valuable enablers of modern clients service in Namibian banking, provided they are 

deployed within thoughtfully designed governance, technical, and human-support 

architectures. They should be implemented as part of a hybrid service ecosystem in which 

human expertise complements automated efficiency at complex decision points. 
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5.4 Implications 

The study has implications for theory, organisational practice, and public policy. 

Theoretically, the findings suggest that technology adoption models in emerging-market 

financial contexts must integrate trust, data-security perceptions, and linguistic inclusivity 

as central constructs alongside classical TAM/UTAUT variables. Empirical models that 

ignore these contextual moderators risk under-estimating barriers to adoption. For 

practitioners, the results imply that banks seeking to scale chatbot services should 

prioritise investments in advanced NLP tailored to local languages, robust privacy and 

security mechanisms that are transparent to end users, and employees development 

programs that prepare frontline employees to manage escalations and to assist clients in 

hybrid interactions. Operational metrics should therefore go beyond adoption counts to 

include first-contact resolution rates, escalation latency, accuracy of responses, clients 

satisfaction (CSAT), and measures of digital inclusion. 

For policymakers and regulators, the study highlights the need for clear frameworks 

governing data protection, algorithmic transparency, and client redress in AI-mediated 

financial services. Regulators should ensure that banks maintain auditable records of 

chatbot interactions, provide explicit consent mechanisms for data use, and guarantee 

effective escalation channels so that automated interactions do not erode client rights. 

Finally, there are social implications regarding digital inclusion: banks and policymakers 

must collaborate to ensure that technological upgrades do not marginalise digitally 

vulnerable populations, and to invest in digital literacy programmes, multilingual 

interfaces, and low-bandwidth service alternatives. 
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5.5 Recommendations 

Based on the empirical results and their interpretation, the following recommendations are 

offered for banks and other stakeholders wishing to optimise chatbot adoption and 

performance. First, from a technical perspective, banks should invest in iterative 

improvements to natural-language processing models that incorporate local languages and 

code-switching patterns typical of Namibian clients. Model training datasets should 

include representative samples of local dialects and use cases, and solutions should be 

stress-tested for low-bandwidth environments. Second, data security and privacy must be 

elevated as operational priorities: organisations should adopt end-to-end encryption, 

robust authentication for sensitive transactions, clear privacy notices at the point of 

interaction, and transparent data-retention policies that reassure users. Third, human-in-

the-loop design must be institutionalised: escalation protocols should be seamless, 

contextual information should pass from chatbot to human agent without loss, and service 

level agreements for handover time must be defined and monitored. Fourth, banks should 

implement comprehensive training programmes for frontline employees and deliberate 

user-education campaigns for clients; these should emphasise how to use the chatbot, how 

to seek human assistance, and what data protections are in place. Fifth, design 

improvements are recommended: simplify the user interface, provide multilingual 

support, and enable multimodal access (app, web, messaging platforms) while ensuring 

functional parity across channels. Sixth, performance measurement should be rigorous 

and multi-dimensional: key performance indicators should include CSAT, Net Promoter 

Score (NPS), first-contact resolution, escalation latency, accuracy rate of responses, 

reduction in branch traffic, and cost metrics tied to service delivery. Seventh, collaboration 

across the industry and with regulators should be pursued to develop shared standards for 
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AI ethics, data governance, and accessibility. Implementing these recommendations in an 

iterative, evidence-driven manner will increase the probability that chatbot deployments 

deliver sustainable business value while protecting client welfare. 

 

5.6 Suggestions for Further Research 

While this study provides detailed, contextually rich insights, it also points to several 

productive avenues for additional research. First, comparative multi-institutional studies 

across several Namibian banks would permit cross-case analysis and stronger 

generalisability, clarifying whether the patterns observed at the focal institution replicate 

elsewhere. Second, longitudinal research that tracks user perceptions and technical 

performance over time would illuminate the dynamics of habituation, trust development, 

and the impact of iterative improvements to NLP and governance. Third, experimental 

designs such as A/B testing of interface variants, multilingual models, or escalation 

protocols would generate causal evidence about which design choices most strongly 

influence satisfaction and retention. Fourth, comprehensive cost-benefit and return-on-

investment studies would help quantify the economic impacts of chatbot deployments at 

scale, including effects on employees, operating costs, and clients lifetime value. Fifth, 

focused technical research on natural-language processing for Namibian languages and 

code-switching phenomena is urgently needed to reduce misinterpretation and improve 

inclusivity. Sixth, deeper qualitative work with digitally marginalised populations (older 

adults, low-literacy users, rural clients) would identify tailored strategies to close the 

digital divide. Finally, interdisciplinary research that examines ethical, legal, and 

regulatory dimensions especially around algorithmic transparency, accountability, and 
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client protection would inform both firm strategy and public policy. Collectively, these 

studies would deepen understanding of how to deploy AI responsibly and effectively in 

emerging-market financial systems. 
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APPENDICES 

 

APPENDIX 1: Research Interview Guide 

 

Title: Adoption of AI-based Chatbot and Clients Service Management in Namibia's 

Banking Sector 

 

My name is Mario Fortunato, an Executive MBA student at Africa University. I am 

carrying out a study on Adoption of AI-based Chatbot and Clients Service 

Management in Namibia's Banking Sector. I do hereby ask for your time to interview 

you with regards to the topic above. Note that this study is primarily for academic purpose. 

Therefore, the researcher assures you that the information collected will be treated with 

high confidentiality and no names will be revealed by any means to the public. You are 

free to withdraw from the interview process if you feel uncomfortable.  

 

Instructions: This interview process will make use of probing and follow up 

questions where necessary and each interview will take approximately 10-30 

minutes. 

 

OBJECTIVES 

 To assess the role of AI-based chatbot in Clients Service Management in the 

Namibian Banking Sector. 
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 To identify the factors driving or hindering adoption of AI-based chatbot in the 

banking sector. 

 To recommend strategies to ensure effective chatbot adoption and improved Clients 

Service Management. 
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APPENDIX 2: Structured Questionnaire Survey Instrument 

 

SECTION A: Demographic Information 

Instructions: Please tick (✓) the most appropriate answer for each question. 

1. Gender: 

☐ Male 

☐ Female 

☐ Prefer not to say 

2. Age Group: 

☐ 18–25 years 

☐ 26–35 years 

☐ 36–45 years 

☐ 46–55 years 

☐ 56 years and above 

3. Your Role in the Banking Sector: 

☐ Senior Management 

☐ Employee 

☐ Clients 

4. Your Region: 

☐ Khomas 

☐ Karas 
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☐ Oshikoto 

☐ Other (please specify): __________________ 

5. Length of Experience within the Banking Sector: 

☐ Less than 1 year 

☐ 1–3 years 

☐ 4–6 years 

☐ 7–10 years 

☐ More than 10 years 

 

SECTION B: Role of AI based Chatbot and Clients Service Management 

Instructions: For the following statements, please indicate with a tick (✓) your agreement 

that matches your view/opinion most closely to the Role of AI-based Chatbot in Clients 

Service Management. 

Question/Statement 

S
tr

o
n
g
ly

 D
is

ag
re

e 

D
is

ag
re

e 

N
o
 i

d
ea

 

A
g
re

e 

S
tr

o
n
g
ly

 a
g
re

e 

Have knowledge about AI based Chatbot and Clients 

Service Management. 
□ □ □ □ □ 

The use of AI-based Chatbot Increase clients 

engagement with bank. 
□ □ □ □ □ 

The use of AI-based Chatbot Improve clients 

experience. 
□ □ □ □ □ 
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The use of AI-based Chatbot  is time 

saving/efficiency. 
□ □ □ □ □ 

The Chatbot gives competitive advantage □ □ □ □ □ 

The Chatbot reduce human errors □ □ □ □ □ 

The Chatbot is easily accessible at any time I need 

assistance. 
□ □ □ □ □ 

The Chatbot effectively answers my basic banking 

queries. 
□ □ □ □ □ 

The Chatbot responds quickly to my requests. □ □ □ □ □ 

The adoption of the Chatbot has reduced my need to 

visit a physical branch. 
□ □ □ □ □ 

 

SECTION C: Factors Driving the Adoption of AI-Based Chatbot and Clients Service 

Management 

Instructions: For the following statements, please indicate with a tick (✓) your agreement 

that matches with the following factors influencing the adoption of the Chatbot. 

Question/Statement 
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Do you think AI-based Chatbot have the ability to 

improve clients service? 
□ □ □ □ □ 

Does the ease of use or easy to use influence the 

adoption use of AI-based Chatbot? 
□ □ □ □ □ 

Does the usefulness or helpfulness of the Chatbot 

influence the adoption use? 
□ □ □ □ □ 

Management support play a significant role in the 

Chatbot adoption? 
□ □ □ □ □ 
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The Chatbot innovative technology is a key 

motivation for adoption. 
□ □ □ □ □ 

Do you think there is a fear of employee 

replacement by AI-based Chatbot? 
□ □ □ □ □ 

Does resistance us of AI-based Chatbot have an 

influence on the adoption? 
□ □ □ □ □ 

 

SECTION D: Clients and Employees Perceptions of the Chatbot 

Instructions: For the following statement, please indicate with a tick (✓) your agreement 

about the perceptions and ease of use AI-based Chatbot. 

Question/Statement 
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The Chatbot is user-friendly for clients of all ages. □ □ □ □ □ 

Employees are well trained to support the use of the 

Chatbot. 
□ □ □ □ □ 

The Chatbot increases overall clients satisfaction 

services. 
□ □ □ □ □ 

Clients feel confident using the Chatbot for their 

banking needs. 
□ □ □ □ □ 

There is clear communication about how to use the 

Chatbot. 
□ □ □ □ □ 

 

SECTION E: Recommendations to Improve Chatbot Adoption and Clients Service 

Management 
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Instructions: For the following statement, please indicate with a tick (✓) your agreement 

with the following recommendations. 

Question/Statement 

S
tr

o
n
g
ly

 D
is

ag
re

e 

D
is

ag
re

e 

N
o
 i

d
ea

 

A
g
re

e 

S
tr

o
n
g
ly

 a
g
re

e 

The Chatbot should support local languages for 

wider accessibility. 
□ □ □ □ □ 

The user interface of the Chatbot should be 

simplified. 
□ □ □ □ □ 

Regular training sessions should be provided for both 

employees and clients. 
□ □ □ □ □ 

The Chatbot should offer direct handover to a human 

agent for unresolved queries. 
□ □ □ □ □ 

Namibia’s banking sector should frequently collect 

feedback from users to improve the Chatbot. 
□ □ □ □ □ 

 

Thank you for completing this questionnaire. Your feedback is valuable in 

improving Clients Service Management in Namibia’s banking sector. 
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APPENDIX 3: Semi-Structured Questionnaire Survey Instrument 

 

SECTION A: Demographic Information 

Instructions: Please tick (✓) the most appropriate answer for each question. 

6. Gender: 

☐ Male 

☐ Female 

☐ Prefer not to say 

7. Age Group: 

☐ 18–25 years 

☐ 26–35 years 

☐ 36–45 years 

☐ 46–55 years 

☐ 56 years and above 

8. Your Role in the Banking Sector: 

☐ Senior Management 

☐ Employee 

☐ Clients 

9. Your Region: 

☐ Khomas 

☐ Karas 
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☐ Oshikoto 

☐ Other (please specify): __________________ 

10. Length of Experience within the Banking Sector: 

☐ Less than 1 year 

☐ 1–3 years 

☐ 4–6 years 

☐ 7–10 years 

☐ More than 10 years 

 

SECTION B: Current Level of AI-Based Chatbot Adoption in Clients Service 

Management 

Research Question: What is the current level of AI-based Chatbot adoption in Clients 

Service Management? 

1. Can you describe your experience with the AI-based Chatbot? 

(Prompt: How frequently do you use it in your work? In what contexts?) 

2. In your view, what specific clients service functions or tasks are currently 

handled by the AI-based Chatbot? 

(Prompt: Examples might include answering clients queries, account management, 

transaction support.) 

3. How would you assess the effectiveness of the Chatbot in addressing clients 

needs compared to traditional clients service channels? 

(Prompt: Please elaborate on both strengths and weaknesses.) 
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4. Have you noticed any recent changes or improvements in clients service 

delivery since the adoption of the AI-based Chatbot? 

(Prompt: Please provide specific examples or anecdotes.) 

 

SECTION C: Factors Driving the Adoption of AI-Based Chatbot in Clients Service 

Management 

Research Question: What factors are driving the adoption of AI-based Chatbot and 

Clients Service Management? 

1. What are the main motivations or reasons for introducing the AI-based 

Chatbot, as far as you are aware? 

(Prompt: Consider efficiency, cost, innovation, clients demand, etc.) 

2. How do employees and clients perceive the usefulness and ease of use of the AI-

based Chatbot? 

(Prompt: What feedback have you received or observed?) 

3. What challenges or barriers, if any, are encountered during the implementation 

or use of the Chatbot? 

(Prompt: Consider technical, organisational, or user-related challenges.) 

4. To what extent do you think organisational culture and management support 

influence the adoption of the Chatbot? 

(Prompt: Please give concrete examples.) 
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SECTION D: Recommendations to Improve Chatbot Adoption and Clients Service 

Management 

Research Question: What recommendations can be made to improve Chatbot adoption 

and Clients Service Management? 

1. Based on your experience, what improvements would you suggest to increase 

the adoption? 

(Prompt: Consider user interface, accuracy, response time, etc.) 

2. What kind of training or support do you believe is necessary for employees and 

clients to optimise Chatbot adoption? 

(Prompt: Please elaborate on content and delivery methods.) 

3. Are there any additional features or services you would like to see integrated 

into the Chatbot to enhance clients service? 

(Prompt: Please provide details.) 

4. How should banking sector in Namibia measure and evaluate the ongoing 

impact and effectiveness of the Chatbot in Clients Service Management? 

(Prompt: Suggest methods or key indicators.) 

 

Thank you for taking part in this interview process 

 

End of Interview Guide 

 

 

 

 



136 

APPENDIX 4: Ethical Clearance Approval 

 


